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Abstract
In recent years, many studies have referred to the interdependence between cognitive (hard-skills) and students’ academic performance. However, despite their relevance, soft-skills have not received the same treatment and have not been analysed as extensively, particularly from a gender perspective. Therefore, and bearing in mind that analysing from a gender perspective is essential to reduce occupational segregation and soft-skills can enhance young people’s personal and academic development, throughout this paper we have analysed the gender gap in soft-skills with a sample of 15-16 years old students from the Spanish region of Andalusia. To do so, we have used a recent innovation of the Oaxaca-Blinder decomposition technique. Our results show not only that the gender gap in soft-skills is correlated with gender stereotypes, but also that grade retention or being an immigrant show a greater degree of association with boys’ soft-skills than girls’, while mothers’ educational level is more correlated with the soft-skills of girls.
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1. Introduction
For years, the conception of students’ academic success has relied almost exclusively on their cognitive skills (also called hard-skills). Consequently, an education system worked well when its students scored high on standardised knowledge tests, which virtually guaranteed later success in the labour market. However, numerous studies that analyse how the educational process can affect students’ soft-skills (Heckman & Kautz, 2012) and their relevance on young people’s development have emerged in recent years. Thus, beyond cognitive skills, there are soft-skills that are linked to individual behavioural patterns or personality traits that are crucial for both personal and professional fulfilment and that are not captured by standardised tests. Soft-skills, unlike cognitive skills – e.g., students’ mathematics competence –, are skills that cannot be as easily quantified as knowledge or intelligence and are linked to a person’s subjective and intangible sphere.
Whether defined as personality traits or behavioural patterns, soft-skills can be considered predictors of individuals’ life outcomes (Koch et al., 2015; Zamarro et al., 2018; Kosse et al., 2020). In this sense, a growing body of research shows that alongside cognitive skills, soft-skills are also major determinants of educational and occupational attainment (Heckman et al., 2014; Beaudry et al., 2016; Caines et al., 2017; Glewwe et al., 2017; Zamarro et al., 2018) by enabling students to get better grades and access higher-paying jobs.
Since soft-skills are key factors in the transition to the labour market and throughout the educational process, it is not surprising that, in recent years, they have sparked increasing interest in applied research, while gradually being included in the policy agenda (Garcia, 2016). However, it seems that studies on soft-skills remain scarce, perhaps due to the lack of measures in databases (Heckman & Kautz, 2012) and, as result, many questions are left unanswered.
In this context, analysing from a gender perspective is essential. As has been widely reported in the literature, gender differences not only affect students’ mathematics or literacy achievement, but ultimately these gender-distinctive factors will promote horizontal and vertical segregation (Borrowman & Klasen, 2020; Weeden et al., 2020). As we know, while women’s education levels have increased dramatically compared to men’s in recent decades, women remain significantly underrepresented in Science, Technology, Engineering, and Mathematics (STEM) and there is still a strong imbalance between women and men in leadership positions (Morgan et al., 2013; Hunt, 2016; Schuster & Martiny, 2017). As these gender differences are often the result of socio-cultural factors and gender stereotypes, they shape not only how we spend our leisure time or our own self-concept, but also our educational and career choices. Consequently, analysing gender differential factors in soft-skills can be particularly useful as identifying those factors correlated with women’s soft-skills that could potentially go hand by hand to contribute to reducing occupational segregation and narrowing the gender gap in soft-skill outcomes through public policies.
Therefore, we will focus our study on analysing those factors associated with students’ soft-skills from a gender perspective. To do so, we will use a database obtained from the Social Survey 2010: Education and transitions to the labour market in Andalusia. This official database will give us information about 15–16 years old students from the Spanish region of Andalusia, which may be particularly useful when designing educational policies, since soft-skills seem to be more easily modifiable during adolescence than cognitive skills (Carneiro & Heckman, 2003), while remaining stable during adulthood (Cobb-Clark & Schurer, 2012).
In short, this study aims to enrich the existing literature by estimating the conditional association between students’ gender differences and soft-skill outcomes. To the best of our knowledge, the few studies that have analysed students’ soft-skills in Spain have used ANOVA or a Bayesian methodological approach (Suárez-Pandiello et al., 2016; Cordero et al., 2016). In this paper, we will go one step further and analyse gender differences in soft-skills. To do so, we will employ an Oaxaca-Blinder approach that allows us to analyse this topic by distinguishing between observable and unobservable aspects of these gender differences in students’ soft-skills.
The article is structured as follows. In the next section, we briefly review some of the relevant literature related to soft-skills. Then, we present the sample, instruments, procedure (methodology) and ethical aspects employed to analyse the main characteristics of the dataset. The data analysis and results are shown in section 7. Finally, we discuss the main findings.
2. Literature Review
Soft-skills’ idiosyncrasy has made it difficult to provide a settled definition of the term, with little agreement on what soft-skills represent. For some authors, soft-skills refer to an individual’s mindset, i.e. a combination of qualities, personality traits and attitudes that can help in conflict management (Tsey et al., 2018). Others define soft-skills as a set of constructs that differentiate individuals (Borghans et al., 2008; Koch et al., 2015) and use the Big Five personality traits to classify them (John & Srivastava, 1999; Heckman et al., 2006; Borghans et al., 2008; John et al., 2008; Almlund et al., 2011; Becker et al., 2012; Heckman et al., 2013; Flinn et al., 2018; Zamarro et al., 2018; Kosse et al., 2020). For example, John and Srivastava (1999) defined the “Big Five” personality dimensions, a taxonomy in which they summarised five personality domains. According to them “These dimensions do not represent a particular theoretical perspective but were derived from analyses of the natural-language terms people use to describe themselves and others. (…), the Big Five taxonomy serves an integrative function because it can represent the various and diverse systems of personality description in a common framework” (pp. 2-3). These domains are (a) extraversion, (b) agreeableness, (c) conscientiousness, (d) emotional stability and (e) openness to experience. In the particular case of this research study, we follow the labelling that the survey administrators (the Institute for Statistics and Cartography of Andalusia, i.e. IECA) provided for the soft-skills’ question (whose seven categories were identified as this type of skills) and used them as the soft-skills under analysis. We also find broader definitions of soft-skills as all those skills that cannot be captured by standardised knowledge tests, but can be identified by observing individuals’ behaviour (Humphries & Kosse, 2017).
[bookmark: _Hlk99440165]Regardless of which definition is used, soft-skills can be determinant in adult life (Heckman & Kautz, 2012) and benefit those who stand out in them. For instance, Jones et al. (2015), using data from low socioeconomic neighbourhoods, assessed associations between children’s prosocial skills in kindergarten and their outcomes in adulthood. The authors concluded that there were strong correlations between prosocial skills in childhood and later employment, income, criminal activity or health. In the same vein, Lindqvist and Vestman (2011) used data from military enlistment in Sweden to analyse how soft-skills affected labour market outcomes. They found that soft-skills were a major determinant of productivity, especially in managerial positions and, consequently, those men who lacked them were more likely to earn less or be unemployed. 
This positive relationship between soft-skills and labour market success, especially in terms of wages, has been widely documented in the literature (Heckman et al., 2006; Almlund et al., 2011; Heckman et al., 2014; Balcar, 2016; Beaudry et al., 2016; Caines et al., 2017; Deming, 2017; Glewwe et al., 2017; Noray, 2020; Cortes et al., 2021; Heckman et al., 2021). In particular, Cortes et al. (2021) found that women’s increased propensity to work in higher-paying occupations could be explained by the importance of social skills, as these positions are closely related to soft-skills.
Beyond the impact that soft-skills can have on labour market outcomes, they also play a major role in the educational process. Numerous studies have found that soft-skills such as motivation, kindness or locus of control are predictors of students’ academic performance, even after controlling for their socio-economic background (see e.g., Heckman et al., 2006; Borghans et al., 2008; Zhou et al., 2010). 
[bookmark: _Hlk99441310]In this sense, soft-skills are as, or even more, important as students’ cognitive skills in the educational process (Kautz, et al., 2014; Stankov & Lee, 2014), as having problem solving or social skills may allow students not only to get higher grades, but also to be more prepared when transitioning into adulthood. For instance, Glewwe et al. (2017), using longitudinal data from one of the poorest rural provinces in China, concluded that soft-skills positively affected children’s educational achievement. Specifically, the authors found that children’s soft-skills when they were between 9 and 16 years old were decisive in their schooling-to-work transition, even after controlling for cognitive skills. Those children who had fewer depression symptoms, higher educational aspirations and greater resilience were more likely to complete more years of schooling, with resilience being the strongest predictor for boys and depression symptoms for girls.
On the other hand, numerous studies have examined the educational gender gap in terms of cognitive outcomes. This gender gap refers not only to females’ higher academic performance compared to males, but also to females’ under-representation in STEM fields. For some authors, female educational dominance has been attributed to certain factors such as having higher expectations (Fortin et al., 2015) or reaching maturity earlier (Lim et al., 2015).
 Furthermore, many studies also associate females’ greater academic success and their under-representation in male-dominated fields with some features or traits that can be labelled as soft-skills. For instance, Aucejo and James (2021) found that females tend to have stronger verbal skills that are especially valuable for educational achievement and may explain females’ higher presence in tertiary education. Regarding females’ lower presence in STEM fields, besides certain gender stereotypes that attribute greater mathematical skills to males (Cvencek et al., 2011; Plante et al., 2013; Spencer et al., 2016), some authors have underlined that this gender gap may also be due to personality traits. These studies point out that, as females are less likely to compete, to have less perseverance in competitive situations and even to be more risk-averse, they choose safer educational options rather than STEM fields (Boring, 2017; Buser et al., 2017; Buser et al., 2021; Delaney & Devereux, 2021).
As we can observe, cognitive skills have been widely assessed and researchers have investigated differential factors between females and males in cognitive outcomes such as gender roles (Bertrand & Pan, 2013; Rodríguez-Planas & Nollenberger, 2018) or family environment (Autor et al., 2019), but this has not been the case for soft-skills.
Focusing on Spain, there are few articles that have analysed soft-skills, but not from a gender perspective. Suárez-Pandiello et al. (2016), using a cross-sectional sample of high school seniors from Asturias in the 2010/11 academic year, used ANOVA to analyse whether school and student characteristics were correlated with non-cognitive outputs. The authors found that the peer-group effect, gender, academic background and father’s age affected students’ non-cognitive outcomes more than school type. In contrast, Cordero et al. (2016), using a Bayesian methodological approach and the same sample, found that some variables that have been widely documented as determinants of students’ academic performance, such as parents’ occupation, mother’s educational level or family income, were not significantly related to students’ soft-skills. Meanwhile, Marcenaro et al. (2021) used interval multiobjective programming and pointed out the existence of trade-offs between different soft-skills, with these trade-offs being especially conditioned by gender.
In any case, further research is needed. While the international literature on this topic is more prolific, the evidence in Spain is still very scarce, and the few existing articles do not analyse in depth the gender differences that may exist between soft-skills, especially the differences in how different drivers affect soft-skills according to gender. This issue will be addressed throughout this paper.
3. Sample
As mentioned above, we will carry out our study using the data provided by the Social Survey 2010: Education and transitions to the labour market in Andalusia. The survey, designed by The Institute for Statistics and Cartography of Andalusia (IECA), tries to identify those factors that may have an impact on the academic performance of Andalusian students born in 1994 while tracking them up to the transition to adulthood (by 2018).
In this sense, we have used a panel database that gives us information about 1,886 Andalusian students when they were in 10th grade. It should be noted that Andalusia is the largest Spanish region (more than eight million inhabitants), i.e. it represents a high proportion of the Spanish population. Additionally, it should be mentioned that students from this region show – relatively – low academic performance. For instance, the Programme for International Student Assessment (PISA) 2009 found that Andalusian mathematics performance was 34 points below the OECD average and 21 points below the Spanish average (MEFP, 2018). Over the years, Andalusian students’ poor academic performance has not improved. According to the PISA 2018 report, the mathematics achievement of Andalusian students was 22 points below the OECD average and 14 points below the Spanish average. In addition, Andalusia is one of the Spanish regions with the highest grade retention rate (33.3% in 2018). Thus, it is an interesting case study.
4. Instruments
This database provides us with information on students’ reading and mathematics achievement, as well as students’ socio-economic and cultural background, including variables such as parents’ educational level, income and household possessions, among others. Along with these variables, the database includes students’ self-assessment of their soft-skills when they were in 10th grade in 2009-2010 (i.e., when students were 14-15 years old). From the initial sample of 1,886 students, we have removed missing values in soft-skills-related questions, resulting in a final sample of 1,788 observations. In addition, to avoid losing observations, we have introduced a set of missing flag variables.
The survey asked students about their gender (boy, girl or other) and nobody answered “other”, i.e. nobody identified themselves as non-binary. As we have mentioned, this database contains students’ self-ratings on different soft-skills, on a scale from 1 to 10, where 1 is “not good at all” and 10 is “ totally good”. Although these soft-skills are self-reported, this allows us to obtain a better understanding of their real value, as when students’ soft-skills are reported by their own parents we may obtain biased assessments by the latter’s skills (Del Bono et al., 2020).
 Concretely, we have based our analysis on the following question:
 “In addition to school grades, there may be other things that are important and that you are good at. How do you rate yourself from 1 to 10 in the following areas? Please note that 1 means you are not good at all and 10 means you are totally good at it.
- Sports.
- Music and art in general.
- Socialising with people (relationships).
- Handling in the street (street knowledge).
- Manual skills.
- Being sensitive.
- Being brave”.
While these variables may not fit into the conventional concept of soft-skills, they capture skills that are not gathered by standardised tests and in which their personality traits are embedded. Moreover, as Marcenaro et al. (2021) point out, the IECA itself labels these variables under the heading of soft-skills. In this sense, we find some studies that have considered manual skills, sports and music as soft-skills (Pfeifer & Cornelißen, 2010; Stohl et al., 2010; Hille & Schupp, 2015). As for the other variables, they can be easily identified with some personality traits such as extraversion or emotional stability (see e.g., John & Srivastava, 1999; Kassenboehmer et al., 2018).
5. Procedure
Regarding the methodology, in order to identify the gender gap in Andalusian students’ soft-skills, we have used the decomposition method proposed by Fortin et al. (2015), which is based on the traditional Oaxaca-Blinder decomposition (Blinder, 1973). To carry out the decomposition, we assume that each one of students’ soft-skills will depend on a set of variables related to their characteristics. In addition, we also assume that the association between soft-skills and the rest of the variables varies according to student’s gender, which explains why we specify two regression models:
		(1)
		(2)
where  is the student;  is girls’ assessment of their soft-skills and  is boys’;  represents skills in sports, music and art, relationships, street knowledge, manual skills, being sensitive and being brave respectively; and  are the vectors of boys’ and girls’ explanatory variables, while and  are regression coefficient vectors for boys and girls;  and  are the error terms. While each of the estimated coefficients indicates the extent to which each explanatory variable affects students’ soft-skills, we have to bear in mind that there are also influential variables that are not included in our model and, therefore, our results should be interpreted as conditional associations rather than as causal effects.
From equations (1) and (2) we can obtain the gender difference in soft-skills as:
[bookmark: _Hlk97894144]		(3)
From this expression and from equations (1) and (2) we can infer that, besides the observable differences between students’ characteristics, there will be differences between unobservables and also in how observable characteristics affect soft-skills. In this sense and, in order to assess the extent to which each difference explains the gender gap in students’ self-concept of their soft-skills, we have used the methodology proposed by Fortin et al. (2011) and Fortin et al. (2015) to create a counterfactual. The counterfactual will be calculated by reweighting boys’ sample from girls’ characteristics using the following function:
		(4)
where  is a dummy variable indicating whether the student is a boy or a girl;  is the probability of being a boy given the explanatory variables, while  is the probability of being a girl as a function of the explanatory variables;  and  are the probabilities of being a boy and a girl respectively, which is just the proportion of boys and girls in the sample.
Therefore, by multiplying this reweighting factor and boys’ characteristics we can artificially create a sample of boys who look like girls in terms of features. This reweighted sample allows us to know how boys would rate their soft-skills when having the same characteristics as girls, and therefore we can separate endowment effects from response effects (Fortin et al., 2015).
In this context, we can rewrite equation (3) in terms of the response effect and the composition effect as follows:
		(5)
where  and  are respectively the vector of estimated coefficients and the means of the observables using the artificial sample of boys reweighted to look like the girls. 
While the response effect –  – shows how much of the gender gap in students’ self-concept of their soft-skills is due to gender differences in the effects that a given explanatory variable may have on the explained variable, the compositional effect –  – shows which part of the gender gap in soft-skills is due to gender differences in the explanatory variables.
Likewise, we can express the response effect term as the sum of a pure response effect plus a reweighting error:
		(6)
where  is the pure educational response effect and  is the reweighting error. 
Moreover, the composition effect can be written as the sum of a pure composition effect and a specification error:
		(7)
where  is the pure composition effect and  is the specification error.
As it can be seen, equation (6) is the classical Oaxaca-Blinder decomposition using the sample of girls and the sample of boys who look like girls, while equation (7) is the classical Oaxaca-Blinder decomposition using the sample of boys and the sample of boys who look like girls (Blinder, 1973).
Therefore, this approach allows us to find out how these different effects contribute to the gender gap in soft-skills. Taking as an example the grade retention variable, on the one hand, we will be able to determine to what extent boys’ or girls’ soft-skills assessment depends on the difference in explanatory variables, e.g., if there is a greater number of boys repeating than girls. On the other hand, we will be able to find out how explanatory variables are associated with the gender gap if there are no differences between them, i.e. if holding back a year relates to girls’ soft-skills to a greater extent than boys’ and vice versa, when there is the same proportion of repeaters in both groups.
6. Ethical aspects
The Institute for Statistics and Cartography of Andalusia assured that all procedures performed in this study to gather data involving human participants were in accordance with the ethical standards. Informed consent was obtained by this institution from all individual participants involved in the study.
7. Data analysis and results
Table A1 (Appendix) shows the descriptive statistics for each soft-skill. In order to facilitate comparisons, students’ soft-skills have been standardised to have mean 0 and standard deviation 1. Therefore, the results can be interpreted as effect sizes.
As we can observe in Table A1, females obtain higher scores in those soft-skills perceived as “feminine”. Females have a higher self-concept in sensitivity, music and art and relationships than males, while the opposite occurs in sports (Messner, 2011). For instance, females score -0.276 standard deviations (SD) in sports, while males score 0.296 SD. Far from being surprising, students’ self-concept of their soft abilities aligns with gender stereotypes. During childhood, gender is an indispensable element for children to categorise and compare themselves with their peers (Renno & Shutts, 2015) and, at the same time, their interaction with their environment makes it inevitable that they become aware of gender stereotypes.
Adherence to certain stereotypes or ideas about what masculinity and femininity should be can lead to young people developing their own stereotypes related to activities or careers (Blakemore, 2003). In this sense, the fact that masculinity is related to aggressiveness or emotional stoicism, while femininity is associated with being warmer or more communal (Folbre, 2010; Pahlke & Goble, 2015) could explain why girls have a better self-concept in some soft-skills (Messner, 2011).
As for the rest of the variables, we can observe that immigrant students’ self-concept exceeds native students’ in some soft-skills such as manual skills or being brave. Distinguishing by gender (see Table A2 and A3 in the Appendix), we also find that first-generation immigrant females’ self-concept outperforms natives’ in music and art, while immigrant males outperform natives’ in sports. Similarly, regardless of gender, repeaters report higher levels of soft-skills in relationships, street knowledge and being brave. In terms of household composition, we can observe that, unlike girls living in a single-parent family, girls living with both parents have a higher self-concept in all soft-skills except sports and being brave. In particular, girls living – only – with their fathers score 0.305 SD and 0.396 SD higher in being brave and in sports, respectively, than those who live with both parents. On the other hand, girls who read because their parents tell them to or because they like it have a higher self-concept in all soft-skills than those who do not read, in contrast to boys.
Regarding students’ socio-economic status and proxy variables for family income, we find that when students have a higher income than what is needed, they report lower levels of soft-skills, while the opposite occurs when the income is insufficient. This happens for both boys and girls.
Finally, it should be noted that students attending private funded schools (representing less than 2% of the sample) show a higher overall rating of their soft-skills than students in public or semi-private funded schools. The only exception is manual skills, with girls and boys from private schools reporting 0.179 SD and 0.059 SD less than those from public schools, respectively.
Following the methodology explained in the previous section, the Ordinary Least Squares (OLS) estimates for each one of the soft-skills are shown in Table 1.
-Insert Table 1 here-
First, we can observe that first generation immigrant students grade themselves higher than natives in sports, manual skills and being brave, while lower in sensitivity, which seems to be in line with previous literature. Specifically, boys score 0.34 SD lower in sensitivity than natives, while girls score 0.15 SD lower. 
Regarding grade retention, students who have repeated have a better assessment of their street knowledge, relationship skills and bravery than non-repeaters, whereas repetition associates with lower sensitivity. This seems reasonable, considering that grade retention can lead to socio-emotional problems among students, however the cultural adaptation process that immigrant students have to go through can lead to higher levels of neuroticism and, consequently, a lack of awareness of their emotions.
Similarly, a high household income seems to be negatively associated to students’ self-concept of soft-skills. For instance, as household income increases to be more than necessary and able to save, students’ sensitivity decreases by 0.62 SD for boys and 0.36 SD for girls, compared to having a totally insufficient household income.
As for the availability of a room to study, having a room is positively correlated with soft-skills, except for manual skills. In the same sense, having a greater number of books correlates positively and weakly with some soft-skills such as street knowledge or manuals skills. Besides the number of books, reading habits seem to positively relate to soft-skills. Students who read because they like it report higher skills in music, manual skills and sensitivity than those who do not read.
Given the collinearity between parents’ characteristics, we have only included mother’s years of schooling in the regression. We can observe that mother's educational level does not seem to be uniformly associated with the students’ assessment of their soft-skills. For instance, as mother’s educational level increases, boys’ and girls’ music skills rise by 0.005 SD and 0.004 SD respectively, while it negatively correlates with both boys’ and girls’ relationships and manual skills.
On the other hand, considering that the reference is to live with both parents, we can observe how living in a single-parent family is associated with lower soft-skills scores. In this sense, girls living only with the father have a self-concept in sports that exceeds that of girls living with both parents by 0.641 SD. In contrast, living only with the father correlates with decreasing levels of girls’ skills in music and street knowledge by 0.760 SD and 0.687 SD, among other soft-skills. 
Furthermore, having a computer and Internet access show a negative correlation with girls’ self-concept of their soft-skills more than boys. Finally, in terms of students’ school, we can observe that attending a private funded school has a positive correlation with soft-skills compared to attending a public school.
Along with these correlations between students’ soft-skills and the variables under scrutiny, Table 2 shows the Oaxaca Blinder decomposition.
-Insert Table 2 here-
The first row reports total differences in each one of the soft-skills. As mentioned in the methodology, when calculating , a positive value means that girls hold an advantage over boys in the corresponding soft-skill. In this sense, the total difference seems to be what is expected from a gender stereotyping perspective. The fact that boys value their abilities in sports, manual skills and bravery more than girls goes hand in hand with a gender-stereotypical worldview. For instance, while – in general – sports are male-dominated fields, girls seem to have a higher number of friendships and a higher level of emotional connection. Consequently, it is not surprising that the total difference in sports is -0.58 SD and in being sensitive 0.52 SD.
Regarding the response effect, all gender differences are statistically significant and with the same sign as the total gender gap in soft-skills. Focusing on how each one of the explanatory variables contributes to the response effect, we can observe that repeating at least one academic year or being an immigrant show higher correlation with boys more than with girls on average, with the exception of the sensitivity soft-skill. Consequently, being an immigrant or holding back a year associates with boys’ self-concept in sports, manuals skills and being brave to a greater extent than with their female counterparts. In the same vein, having a study room and Internet access seem to have a greater correlation with all boys’ soft-skills, with the exception of relationships. Similarly, it seems that boys show higher correlation with household composition, as living in a single-parent family has a greater association with them than with girls. On the other hand, mother’s educational level has a greater correlation with girls than with boys, which implies that when their mother’s educational level is high, girls’ self-concept in street knowledge, being brave and sensitive will be higher than that of boys. Moreover, girls are more influenced by the type of school they attend. This implies that girls attending private or semi-private funded schools would report higher self-concept in almost all soft-skills compared to boys.
As for the composition effect, there are gender differences in all soft-skills, except for manual skills. In particular, we can observe that holding back a year or being an immigrant is not only correlated with boys to a greater extent than with girls, but that the proportion of boys who have repeated or who are immigrants is higher on average than that of girls. In this sense, the fact that there is a higher proportion of boys who have repeated positively correlates with boys’ advantage in sports by 2.23% (-0.013/-0.583); it also associates with girls’ lower self-concept in relationships by 36.29% (-0.045/0.124). In contrast, more girls have a household income above somewhat or totally insufficient than boys, which is correlated to girls’ advantage in sensitivity and music by 1.14% and 0.8% respectively. In the same vein, it should be noted that, on average, more girls have computers and Internet access than boys, which is also associated with their advantage in some soft-skills, such as relationship skills, which seems to be consistent with the fact that girls tend to spend more time on social networks than boys. On the other hand, there are no significant gender differences in the number of books at home or the availability of a study room. Finally, we can observe that, on average, more boys attend non-public funded schools than girls, which mainly associates with a reduced girls’ advantage in street knowledge and relationship skills.
8. Discussion and conclusions
In what follows we summarise and discuss the main results we have obtained. The OLS estimates indicate that there is a positive correlation between grade retention, on the one hand, and being an immigrant, on the other hand, with boys’ self-concept in sports, manual skills and being brave, while both variables are negatively associated with both boys’ and girls’ sensitivity (in line with Goos et al., 2021, regarding grade retention, and Hull & Norris, 2020, Wang et al., 2021, regarding immigrants). In addition, students who read because they like it report higher skills in music, manual skills and sensitivity than those who do not read. Similarly, those living in a single-parent family state lower soft-skills, while having a room to study in and a high number of books have a positive correlation with some soft-skills. On the other hand, having a computer and Internet access seems to be negatively associated with girls’ soft-skills in particular, which may be due to the fact that prolonged and abusive use of the Internet can lead to scarring effects, especially on girls’ self-esteem and self-concept (Wood et al., 2016; Tiggemann & Slater, 2017; Pople & Rees, 2018), to the extent that girls tend to spend more time on social networks than boys (Twenge & Martin, 2020). Finally, attending a public or private funded school is positively related to both boys’ and girls’ soft-skills, as compared to those attending semi-private funded schools.
Beyond these correlations, we find that the gender gap in soft-skills is guided by implicit gender stereotypes, which can shape their personality and self-concept (Endendijk et al., 2018; Adam & Harper, 2021). Therefore, boys outperform girls in sports, manual skills and being brave, while girls outperform boys in music and art, relationships, street knowledge and being sensitive. Analysing this gender gap in detail, we found that repeating or being an immigrant associate with boys more than with girls, on average. Similarly, having a study room and Internet access seem to be more correlated with boys’ soft-skills than with girls’, and hold a negative correlation with girls’ advantage in some soft-skills such as music. Meanwhile, girls are more influenced by the type of school they attend and their mother’s educational level. This implies that, as mothers’ educational level increases, its correlation with girls’ self-concept in being sensitive would be higher than for boys’ self-concept in being sensitive, and would be negatively associated with boys’ advantage in other soft-skills such as being brave.
Analysing gender differences in terms of student characteristics, we found that more boys are repeaters or immigrants, this being positively correlated with their advantage in sports or manual skills. Likewise, there are more boys attending non-publicly funded schools than girls on average, which is associated with a narrower girls’ advantage in street knowledge or relationship skills. In contrast, there are no significant differences in the number of books at home or the availability of a study room.
 Although the gender gap in soft-skills is expected to be strongly associated with the traditional gender roles that prevail in society, students’ socio-economic characteristics will be a decisive correlational factor with this gender gap. In particular, mothers’ educational level seems to be especially correlated with a reduction in the gender gap in highly masculinised soft-skills, such as being brave. This is an objective which is progressively being achieved, to the extent that women are increasingly accessing to university education, reaching higher percentages of enrolment in Spain than boys (56.5% in 2019, MECD, 2021), which may – potentially – mean a higher soft-skill-development of future girl generations. In this sense, while many of these socio-economic characteristics are difficult to modify, educational policies designed to provide children with educational tools such as a computer or a space to study at school can also help to reduce this gap. Moreover, after-school activities or summer programmes could be a useful tool to support students’ soft-skills development (Garcia, 2016).
In any case, our study is not without potential limitations. As mentioned above, as we do not have information on all the determinants of students’ soft-skills, our results cannot be interpreted as causal effects, but rather as conditional associations. 
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1

Table 1. Relationship between soft-skills and background variables by gender
	Variables
	 Sports
	 Music
	 Relationships
	Street knowledge
	 Manual skills
	 Being Brave
	 Being sensitive

	
	Boys 
	Girls 
	Boys 
	Girls 
	Boys 
	Girls 
	Boys 
	Girls 
	Boys 
	Girls 
	Boys 
	Girls 
	Boys 
	Girls 

	Immigrant status (ref: Native)
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	First generation immigrants
	0.212***
	0.090***
	-0.097***
	0.196***
	0.015
	-0.419***
	0.324***
	-0.102***
	0.460***
	0.121***
	0.576***
	0.312***
	-0.341***
	-0.147***

	
	(0.022)
	(0.018)
	(0.022)
	(0.020)
	(0.021)
	(0.025)
	(0.021)
	(0.021)
	(0.022)
	(0.024)
	(0.022)
	(0.021)
	(0.029)
	(0.027)

	Second generation immigrants
	0.174***
	-0.333***
	0.004
	-0.045
	0.219***
	-0.419***
	0.046
	-0.445***
	0.001
	0.355***
	0.012
	-0.086***
	-0.033
	-0.081***

	
	(0.020)
	(0.045)
	(0.024)
	(0.029)
	(0.028)
	(0.042)
	(0.028)
	(0.047)
	(0.024)
	(0.034)
	(0.027)
	(0.033)
	(0.033)
	(0.026)

	Repeater student (ref: No)
	0.057***
	-0.056***
	-0.014
	-0.046***
	0.308***
	0.151***
	0.087***
	0.032**
	0.138***
	-0.056***
	0.085***
	0.074***
	-0.086***
	-0.038***

	
	(0.010)
	(0.012)
	(0.011)
	(0.011)
	(0.012)
	(0.011)
	(0.010)
	(0.012)
	(0.011)
	(0.012)
	(0.011)
	(0.012)
	(0.012)
	(0.011)

	Repeater student. Missing Flag
	-0.243***
	-0.047**
	-0.119***
	-0.244***
	-0.275***
	0.030
	-0.145***
	-0.198***
	-0.201***
	0.025
	0.188***
	0.050**
	-0.117***
	-0.263***

	
	(0.028)
	(0.019)
	(0.022)
	(0.020)
	(0.033)
	(0.022)
	(0.027)
	(0.024)
	(0.022)
	(0.024)
	(0.030)
	(0.020)
	(0.030)
	(0.024)

	Household income (ref: totally insufficient)
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	More than necessary, they can save
	0.183***
	-0.502***
	-0.477***
	-0.330***
	0.051
	-0.076**
	0.004
	-0.420***
	-0.334***
	-0.518***
	0.196***
	0.129***
	-0.620***
	-0.359***

	
	(0.027)
	(0.036)
	(0.050)
	(0.050)
	(0.042)
	(0.031)
	(0.036)
	(0.067)
	(0.062)
	(0.046)
	(0.042)
	(0.029)
	(0.053)
	(0.032)

	Let to live well
	-0.050***
	-0.364***
	-0.123***
	-0.138***
	-0.025
	-0.089***
	0.134***
	-0.087***
	0.127***
	-0.202***
	0.075***
	-0.325***
	-0.243***
	-0.222***

	
	(0.016)
	(0.019)
	(0.019)
	(0.018)
	(0.019)
	(0.017)
	(0.017)
	(0.020)
	(0.019)
	(0.020)
	(0.019)
	(0.021)
	(0.020)
	(0.017)

	Is enough
	-0.062***
	-0.030**
	-0.005
	0.021
	-0.271***
	0.091***
	-0.198***
	0.040***
	0.023
	-0.156***
	0.034**
	0.006
	-0.142***
	-0.096***

	
	(0.013)
	(0.014)
	(0.015)
	(0.013)
	(0.015)
	(0.014)
	(0.014)
	(0.015)
	(0.014)
	(0.014)
	(0.015)
	(0.014)
	(0.015)
	(0.013)

	Is somewhat insufficient
	-0.016
	-0.069***
	0.032**
	0.075***
	-0.177***
	0.040***
	-0.050***
	0.068***
	0.015
	-0.175***
	0.053***
	-0.156***
	-0.089***
	-0.132***

	
	(0.012)
	(0.014)
	(0.014)
	(0.013)
	(0.014)
	(0.014)
	(0.014)
	(0.015)
	(0.014)
	(0.014)
	(0.013)
	(0.015)
	(0.014)
	(0.013)

	Household income. Missing Flag
	-0.570***
	-0.276***
	0.136***
	-0.184***
	-0.758***
	-0.376***
	-0.369***
	-0.129*
	-0.067*
	-0.377***
	-0.101***
	0.181***
	-0.119***
	0.127***

	
	(0.031)
	(0.051)
	(0.046)
	(0.049)
	(0.041)
	(0.117)
	(0.040)
	(0.075)
	(0.037)
	(0.058)
	(0.028)
	(0.044)
	(0.028)
	(0.042)

	Room for Studying (ref: No)
	0.061***
	0.064***
	0.147***
	0.003
	0.113***
	0.068***
	0.223***
	0.029**
	-0.120***
	0.243***
	0.061***
	0.094***
	0.008
	0.075***

	
	(0.011)
	(0.014)
	(0.013)
	(0.013)
	(0.013)
	(0.013)
	(0.013)
	(0.014)
	(0.013)
	(0.015)
	(0.013)
	(0.014)
	(0.014)
	(0.013)

	Computer and Internet access (ref: No)
	-0.010
	-0.031*
	0.351***
	-0.167***
	-0.022
	0.128***
	0.034**
	-0.029*
	0.113***
	-0.104***
	0.083***
	-0.099***
	0.363***
	-0.119***

	
	(0.013)
	(0.016)
	(0.015)
	(0.016)
	(0.013)
	(0.017)
	(0.014)
	(0.016)
	(0.014)
	(0.016)
	(0.014)
	(0.016)
	(0.016)
	(0.016)

	Number of books at home in tens
	-0.003***
	0.003***
	0.002***
	0.000
	-0.001**
	0.000
	0.001**
	0.002***
	0.002***
	0.002***
	-0.001***
	-0.001***
	-0.002***
	0.004***

	
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)

	Mother years of schooling
	0.002
	0.019***
	0.005**
	0.004*
	-0.010***
	-0.005**
	-0.016***
	0.018***
	-0.005***
	-0.007***
	-0.018***
	-0.000
	0.017***
	-0.014***

	
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)

	Student lives (ref: with both parents)
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Only with the mother
	-0.026*
	-0.079***
	-0.060***
	-0.151***
	0.111***
	-0.122***
	-0.041***
	-0.153***
	0.102***
	-0.102***
	0.082***
	-0.241***
	0.018
	-0.275***

	
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.015)
	(0.016)
	(0.016)
	(0.016)
	(0.015)
	(0.018)
	(0.017)
	(0.016)

	Only with the father
	-0.298***
	0.641***
	0.178***
	-0.760***
	-0.052
	-0.089*
	-0.075**
	-0.687***
	0.187***
	-0.172***
	-0.353***
	0.223***
	-0.266***
	-0.202***

	
	(0.022)
	(0.050)
	(0.026)
	(0.053)
	(0.033)
	(0.052)
	(0.035)
	(0.114)
	(0.029)
	(0.053)
	(0.033)
	(0.048)
	(0.047)
	(0.052)

	Reading habits (ref: do not read although parents say to)
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Do not read and parents do not say to
	-0.055***
	-0.114***
	0.082***
	-0.377***
	-0.127***
	-0.286***
	0.015
	-0.344***
	-0.107***
	-0.032*
	0.035***
	-0.005
	-0.070***
	0.070***

	
	(0.012)
	(0.019)
	(0.014)
	(0.017)
	(0.015)
	(0.018)
	(0.013)
	(0.019)
	(0.013)
	(0.017)
	(0.013)
	(0.018)
	(0.015)
	(0.016)

	Read because parents say to
	0.054***
	0.268***
	0.221***
	-0.167***
	-0.006
	0.154***
	0.044***
	-0.019
	-0.145***
	0.191***
	-0.048***
	-0.012
	-0.036**
	0.082***

	
	(0.013)
	(0.017)
	(0.014)
	(0.018)
	(0.014)
	(0.017)
	(0.013)
	(0.019)
	(0.014)
	(0.018)
	(0.014)
	(0.019)
	(0.014)
	(0.016)

	Read because the student likes it
	-0.251***
	0.013
	0.353***
	0.096***
	-0.106***
	-0.107***
	0.047***
	-0.000
	0.044***
	0.113***
	-0.094***
	0.125***
	0.077***
	0.154***

	
	(0.011)
	(0.014)
	(0.012)
	(0.013)
	(0.012)
	(0.013)
	(0.012)
	(0.013)
	(0.012)
	(0.014)
	(0.011)
	(0.014)
	(0.013)
	(0.013)

	School funding (ref: public)
	
	
	
	
	
	
	
	
	
	
	
	
	
	

	Semi-private
	-0.077***
	0.044***
	-0.199***
	0.003
	-0.056***
	-0.093***
	-0.117***
	-0.081***
	-0.175***
	-0.015
	-0.185***
	0.054***
	0.009
	0.025**

	
	(0.011)
	(0.014)
	(0.013)
	(0.012)
	(0.013)
	(0.013)
	(0.012)
	(0.014)
	(0.013)
	(0.013)
	(0.013)
	(0.012)
	(0.013)
	(0.011)

	Private
	0.349***
	0.513***
	0.102***
	0.268***
	0.375***
	0.094***
	0.355***
	0.179***
	0.132***
	-0.329***
	0.388***
	0.118***
	0.477***
	0.237***

	
	(0.029)
	(0.025)
	(0.028)
	(0.026)
	(0.031)
	(0.027)
	(0.024)
	(0.031)
	(0.032)
	(0.032)
	(0.031)
	(0.037)
	(0.037)
	(0.028)

	School Funding. Missing Flag
	0.043
	-0.849***
	-1.202***
	0.575***
	-1.913***
	0.544***
	-2.127***
	1.108***
	-0.447***
	0.630***
	-0.003
	1.430***
	-0.436***
	-0.598***

	
	(0.042)
	(0.062)
	(0.060)
	(0.054)
	(0.124)
	(0.045)
	(0.108)
	(0.044)
	(0.031)
	(0.046)
	(0.081)
	(0.038)
	(0.073)
	(0.085)

	Constant
	0.411***
	-0.463***
	-0.791***
	0.331***
	0.061**
	-0.016
	-0.022
	-0.107***
	0.049*
	-0.019
	0.064**
	0.005
	-0.573***
	0.439***

	
	(0.028)
	(0.028)
	(0.029)
	(0.026)
	(0.030)
	(0.027)
	(0.028)
	(0.030)
	(0.026)
	(0.029)
	(0.030)
	(0.030)
	(0.031)
	(0.024)

	Observations
	862
	926
	862
	926
	862
	926
	862
	926
	862
	926
	862
	926
	862
	926

	R-squared
	0.043
	0.051
	0.068
	0.055
	0.082
	0.046
	0.070
	0.042
	0.042
	0.028
	0.044
	0.040
	0.0039
	0.049


Notes: Standard errors in parentheses. These estimates have been weighted using frequency weights.
Estimation method: Ordinary Least Squares.
Dependent variable: Standardised students’ self-assessment of their soft-skills from 1 to 10.
Coefficient: ***Significant at 1%, ** significant at 5%, * significant at 10%.
Source: Authors’ own elaboration 

Table 2. Oaxaca-Blinder detailed decomposition
	Variables
	 Sports
	 Music
	Relationships
	Street knowledge
	 Manual skills
	 Being brave
	 Being sensitive

	Total differential
	-0.583***
	0.382***
	0.124***
	0.019***
	-0.098***
	-0.037***
	0.523***

	
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)
	(0.007)

	Pure Response effect
	-0.544***
	0.306***
	0.159***
	0.022***
	-0.100***
	-0.030***
	0.485***

	
	(0.007)
	(0.008)
	(0.008)
	(0.008)
	(0.007)
	(0.007)
	(0.007)

	Immigrant status
	-0.023***
	-0.014***
	-0.043***
	-0.031***
	-0.075***
	-0.020***
	0.006***

	
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.011)
	(0.002)
	(0.002)

	Repeater student
	-0.122***
	-0.107***
	-0.051***
	0.025**
	0.012
	-0.006
	0.050***

	
	(0.012)
	(0.013)
	(0.013)
	(0.010)
	(0.010)
	(0.011)
	(0.010)

	Household income (ref: insufficient)
	-0.041***
	0.080***
	0.015*
	0.092***
	0.353***
	-0.005
	0.057***

	
	(0.009)
	(0.010)
	(0.009)
	(0.009)
	(0.020)
	(0.008)
	(0.009)

	Room for Studying
	-0.053**
	-0.170***
	0.022
	-0.116***
	-0.267***
	-0.118***
	-0.144***

	
	(0.023)
	(0.025)
	(0.023)
	(0.020)
	(0.022)
	(0.020)
	(0.017)

	Computer and Internet access
	-0.005
	-0.310***
	0.276***
	-0.077***
	-0.021***
	-0.185***
	-0.200***

	
	(0.022)
	(0.024)
	(0.022)
	(0.021)
	(0.007)
	(0.020)
	(0.021)

	Number of books at home in tens
	0.070***
	-0.043***
	-0.007
	-0.058***
	0.008
	0.004
	0.057***

	
	(0.007)
	(0.007)
	(0.008)
	(0.006)
	(0.048)
	(0.008)
	(0.007)

	Mother years of schooling
	-0.114**
	0.017
	-0.016
	0.815***
	-0.038***
	0.497***
	0.435***

	
	(0.049)
	(0.054)
	(0.056)
	(0.041)
	(0.003)
	(0.039)
	(0.034)

	With whom student lives (ref: with both parents)
	-0.010**
	-0.014***
	-0.030***
	-0.023***
	0.023
	-0.034***
	-0.075***

	
	(0.004)
	(0.004)
	(0.004)
	(0.004)
	(0.019)
	(0.004)
	(0.004)

	Reading habits (ref: do not read)
	0.153***
	0.210***
	0.033
	-0.120***
	0.004
	0.018
	-0.068***

	
	(0.023)
	(0.024)
	(0.024)
	(0.017)
	(0.005)
	(0.018)
	(0.015)

	School funding (ref: public)
	0.065***
	0.028***
	0.033***
	0.032***
	0.001
	0.060***
	-0.008*

	
	(0.005)
	(0.006)
	(0.006)
	(0.006)
	(0.002)
	(0.006)
	(0.005)

	Constant
	-0.463***
	0.630***
	-0.074*
	-0.516***
	-0.101**
	-0.239***
	0.375***

	
	(0.042)
	(0.043)
	(0.044)
	(0.037)
	(0.040)
	(0.037)
	(0.033)

	Reweighting error
	0.008***
	0.014***
	0.022***
	0.009*
	-0.001
	-0.002
	-0.011***

	
	(0.002)
	(0.003)
	(0.005)
	(0.005)
	(0.002)
	(0.003)
	(0.002)

	Pure Composition effect
	-0.058***
	0.058***
	-0.054***
	-0.011***
	-0.004
	-0.014***
	0.038***

	
	(0.003)
	(0.004)
	(0.004)
	(0.004)
	(0.003)
	(0.003)
	(0.003)

	Immigrant status
	-0.003***
	0.001***
	-0.001***
	-0.003***
	-0.004***
	-0.005***
	0.003***

	
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.001)
	(0.001)
	(0.001)

	Repeater student
	-0.013***
	-0.001
	-0.045***
	-0.014***
	-0.022***
	-0.006***
	0.007***

	
	(0.001)
	(0.001)
	(0.002)
	(0.001)
	(0.001)
	(0.001)
	(0.001)

	Household income (ref: totally insufficient)
	0.004***
	0.003***
	0.003***
	-0.000
	-0.002***
	-0.000
	0.006***

	
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.000)
	(0.001)

	Room for Studying
	-0.000
	-0.001
	-0.001
	-0.001
	0.001
	-0.000
	-0.000

	
	(0.000)
	(0.001)
	(0.000)
	(0.001)
	(0.000)
	(0.000)
	(0.000)

	Computer and Internet connection
	-0.000
	0.004***
	-0.000*
	0.000*
	0.001***
	0.001***
	0.004***

	
	(0.000)
	(0.001)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.001)

	Number of books at home in tens
	0.001
	-0.000
	0.000
	-0.000
	-0.000
	0.000
	0.000

	
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)
	(0.000)

	Mother years of schooling
	-0.001
	-0.002**
	0.005***
	0.008***
	0.002**
	0.009***
	-0.008***

	
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)

	With whom student lives (ref: with both parents)
	0.003***
	-0.004***
	0.005***
	-0.000
	0.001*
	0.007***
	0.004***

	
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)
	(0.001)

	Reading habits (ref: do not read although parents say to)
	-0.049***
	0.062***
	-0.011***
	0.008***
	0.019***
	-0.021***
	0.023***

	
	(0.002)
	(0.003)
	(0.002)
	(0.002)
	(0.002)
	(0.002)
	(0.002)

	School funding (ref: public)
	0.001**
	-0.004***
	-0.008***
	-0.009***
	-0.001
	0.002**
	-0.001*

	
	(0.000)
	(0.001)
	(0.002)
	(0.002)
	(0.001)
	(0.001)
	(0.001)

	Specification error
	0.010
	0.004
	-0.002
	-0.002
	0.007
	0.010
	0.012

	
	(0.007)
	(0.009)
	(0.009)
	(0.008)
	(0.007)
	(0.008)
	(0.008)


Notes: Standard errors in parentheses. These estimates have been weighted using frequency weights.
Estimation method: Ordinary Least Squares.
Dependent variable: Standardised students’ self-assessment of their soft-skills from 1 to 10.
Coefficient: ***Significant at 1%, ** significant at 5%, * significant at 10%.
Source: Authors’ own elaboration.


Table A1. Descriptive statistics for the whole sample
	
	
	Standardised students’ self-assessment of their soft-skills

	
	
	Sports
	Music, art in general
	Relationships
	Street knowledge
	Manual skills
	Being sensitive
	Being brave

	Variables
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.

	Sex of the student
	Male
	0.296
	0.897
	-0.196
	1.026
	-0.071
	1.036
	-0.013
	0.977
	0.048
	0.983
	-0.28
	1.032
	0.009
	0.969

	
	Female
	-0.276
	1.013
	0.183
	0.94
	0.066
	0.961
	0.012
	1.021
	-0.045
	1.014
	0.26
	0.895
	-0.008
	1.028

	Immigrant status
	Native
	-0.002
	0.999
	-0.001
	1.007
	0.01
	1.001
	0.003
	1.001
	-0.011
	1.005
	0.012
	0.997
	-0.013
	1.004

	
	First generation immigrant
	0.112
	0.894
	0.068
	0.902
	-0.19
	0.89
	0.076
	0.755
	0.229
	0.935
	-0.246
	1.103
	0.403
	0.819

	
	Second generation immigrant
	-0.082
	1.199
	-0.056
	0.823
	-0.156
	1.088
	-0.234
	1.257
	0.121
	0.857
	-0.134
	0.921
	-0.068
	0.955

	Repeater
	No
	-0.022
	0.93
	0.058
	0.924
	-0.072
	0.961
	0
	0.909
	-0.015
	0.921
	0.075
	0.913
	-0.055
	0.944

	
	Yes
	0.042
	1.089
	-0.07
	1.097
	0.122
	1.002
	0.019
	1.081
	0.043
	1.082
	-0.099
	1.08
	0.052
	1.064

	Study room at home
	Yes
	0.012
	0.981
	0.022
	0.98
	0.009
	0.995
	0.023
	0.976
	0.01
	0.97
	0.031
	0.98
	0.005
	0.992

	
	No
	-0.052
	1.078
	-0.094
	1.078
	-0.038
	1.021
	-0.099
	1.097
	-0.042
	1.123
	-0.134
	1.072
	-0.02
	1.037

	Computer and Internet access
	Yes
	-0.002
	0.992
	0.03
	0.98
	0.004
	0.997
	0.006
	1.002
	0.005
	0.994
	0.022
	0.979
	-0.01
	1

	
	No
	0.011
	1.055
	-0.206
	1.11
	-0.026
	1.022
	-0.041
	0.986
	-0.037
	1.045
	-0.152
	1.124
	0.07
	0.999

	Number of books at home in tens
	50 or less
	-0.041
	1.033
	-0.018
	0.978
	0.035
	0.995
	-0.035
	1.059
	-0.009
	1.053
	-0.08
	1.081
	0.028
	1.042

	
	More than 50 to 120
	0.023
	0.973
	-0.068
	1.034
	-0.065
	1.028
	-0.044
	0.981
	-0.037
	0.973
	0.023
	0.962
	-0.038
	0.955

	
	More than 120
	0.024
	0.987
	0.081
	0.988
	0.021
	0.979
	0.078
	0.947
	0.044
	0.964
	0.066
	0.935
	0.004
	0.994

	Father years of schooling
	10 years or less
	0.007
	1.011
	-0.026
	1.027
	0.036
	0.997
	-0.007
	1.036
	0.01
	1.02
	-0.03
	1.056
	0.025
	1.006

	
	More than 10 years
	-0.01
	0.985
	0.036
	0.96
	-0.05
	1.003
	0.01
	0.949
	-0.014
	0.971
	0.041
	0.916
	-0.035
	0.991

	Mother years of schooling
	10 years or less
	-0.02
	1.031
	-0.02
	1.017
	.052
	1.003
	0.004
	1.039
	0.013
	1.012
	-0.012
	1.055
	0.024
	1.021

	
	More than 10 years
	0.031
	0.95
	0.03
	0.973
	-0.08
	0.99
	-0.007
	0.937
	-0.02
	0.982
	0.019
	0.91
	-0.037
	0.966

	Household income
	Totally insufficient
	0.029
	1.066
	-0.061
	1.088
	0.067
	1.063
	-0.012
	1.099
	0.047
	1.039
	0.01
	1.048
	0.056
	1.053

	
	Is somewhat insufficient
	-0.005
	0.984
	0.044
	1.021
	0.004
	0.99
	0.031
	0.992
	0
	0.989
	-0.015
	1.023
	-0.026
	0.993

	
	Is enough
	0.018
	0.996
	0.042
	0.926
	-0.033
	1
	-0.043
	0.969
	-0.004
	0.979
	0.03
	0.955
	0.021
	0.99

	
	Let to live well
	-0.067
	0.989
	-0.108
	0.965
	0.016
	0.88
	0.068
	0.928
	-0.022
	1
	-0.039
	0.984
	-0.091
	0.989

	
	More than necessary, they can save
	-0.035
	0.743
	-0.333
	1.166
	-0.089
	0.865
	-0.021
	1.07
	-0.377
	1.331
	-0.285
	1.197
	0.112
	0.89

	The student lives
	With both parents
	0.005
	0.994
	0.011
	0.996
	0.004
	0.996
	0.016
	0.986
	0.003
	0.995
	0.019
	0.978
	0.008
	0.98

	
	Only with the mother
	-0.058
	1.077
	-0.072
	1.047
	-0.007
	1.046
	-0.094
	1.078
	-0.018
	1.056
	-0.091
	1.116
	-0.036
	1.149

	
	Only with the father
	0.157
	0.747
	-0.16
	0.887
	-0.212
	0.923
	-0.262
	1.226
	-0.063
	0.931
	-0.483
	1.31
	-0.205
	1.058

	Reading habits
	Do not read although parents say to
	0.112
	1.002
	-0.13
	1.036
	0.079
	1.007
	0.023
	0.995
	0.005
	1.022
	-0.096
	1.017
	-0.007
	0.973

	
	Do not read and parents do not say to
	0.004
	1.087
	-0.234
	0.982
	-0.124
	1.119
	-0.142
	1.083
	-0.083
	0.982
	-0.159
	1.054
	-0.009
	1.012

	
	Read because parents say to
	0.191
	0.875
	-0.071
	0.925
	0.104
	0.912
	0.035
	0.962
	0.011
	0.902
	-0.022
	0.899
	-0.045
	1.011

	
	Read because the student likes it
	-0.128
	0.988
	0.183
	0.977
	-0.034
	0.972
	0.027
	0.981
	0.024
	1.024
	0.121
	0.988
	0.022
	1.008

	School funding
	Public
	-0.002
	1
	0.01
	0.998
	0.017
	0.996
	0.005
	1
	0.024
	1.006
	-0.009
	1.01
	0.007
	1.001

	
	Semi-private
	-0.007
	1.012
	-0.054
	1.016
	-0.06
	0.991
	-0.033
	0.98
	-0.082
	0.976
	0.035
	0.949
	-0.06
	0.984

	
	Private
	0.348
	0.669
	0.266
	0.76
	0.156
	0.697
	0.304
	0.714
	-0.111
	1.002
	0.278
	0.815
	0.219
	0.968


Notes: “S.D.” indicates “standard deviation”.
Source: Authors’ own calculations.


Table A2. Descriptive statistics for girls
	
	
	 Standardised girls’ self-assessment of their soft-skills

	
	
	Sports
	Music, art in general
	Relationships
	Street knowledge
	Manual skills
	Being sensitive
	Being brave

	Variables
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.

	Immigrant status
	Native
	-0.27
	1.012
	0.18
	0.947
	0.086
	0.952
	0.022
	1.015
	-0.054
	1.018
	0.273
	0.893
	-0.016
	1.033

	
	First generation immigrant
	-0.236
	0.678
	0.379
	0.781
	-0.276
	0.929
	-0.007
	0.745
	0.069
	0.956
	0
	1.021
	0.305
	0.823

	
	Second generation immigrant
	-0.612
	1.39
	0.015
	0.783
	-0.368
	1.222
	-0.416
	1.531
	0.23
	0.916
	0.073
	0.723
	-0.102
	1.057

	Repeater
	No
	-0.223
	0.956
	0.216
	0.851
	0.025
	0.899
	0.023
	0.934
	-0.01
	0.943
	0.296
	0.834
	-0.032
	0.982

	
	Yes
	-0.375
	1.109
	0.145
	1.075
	0.154
	1.035
	0.024
	1.134
	-0.088
	1.098
	0.214
	0.953
	0.01
	1.112

	Study room at home
	Yes
	-0.253
	0.993
	0.188
	0.934
	0.075
	0.955
	0.019
	1.004
	-0.007
	0.976
	0.286
	0.87
	-0.005
	1.032

	
	No
	-0.378
	1.091
	0.159
	0.965
	0.029
	0.987
	-0.019
	1.098
	-0.212
	1.156
	0.145
	0.992
	-0.025
	1.017

	Computer and Internet access
	Yes
	-0.265
	1.002
	0.18
	0.926
	0.079
	0.941
	0.013
	1.025
	-0.041
	1.002
	0.252
	0.884
	-0.02
	1.027

	
	No
	-0.355
	1.091
	0.206
	1.037
	-0.027
	1.098
	0.011
	0.994
	-0.07
	1.105
	0.32
	0.975
	0.08
	1.039

	Number of books at home in tens
	50 or less
	-0.365
	1.04
	0.193
	0.919
	0.067
	1.008
	-0.048
	1.102
	-0.098
	1.103
	0.148
	1.012
	-0.002
	1.094

	
	More than 50 to 120
	-0.261
	0.969
	0.091
	0.996
	0.025
	0.99
	-0.014
	0.989
	-0.08
	0.952
	0.315
	0.83
	-0.06
	0.949

	
	More than 120
	-0.194
	1.019
	0.255
	0.904
	0.103
	0.881
	0.101
	0.955
	0.044
	0.967
	0.33
	0.806
	0.032
	1.027

	Father years of schooling
	10 years or less
	-0.295
	1.018
	0.14
	0.973
	0.066
	0.985
	-0.016
	1.059
	-0.051
	1.039
	0.251
	0.941
	0.005
	1.034

	
	More than 10 years
	-0.247
	1.005
	0.246
	0.885
	0.067
	0.926
	0.054
	0.961
	-0.035
	0.978
	0.274
	0.822
	-0.028
	1.021

	Mother years of schooling
	10 years or less
	-0.344
	1.04
	0.166
	0.965
	0.106
	0.984
	0.026
	1.056
	-0.032
	1.017
	0.253
	0.958
	-0.006
	1.071

	
	More than 10 years
	-0.165
	0.958
	0.209
	0.897
	0.002
	0.92
	-0.009
	0.962
	-0.065
	1.01
	0.272
	0.784
	-0.012
	0.957

	Household income
	Totally insufficient
	-0.261
	1.056
	0.148
	1.014
	0.018
	1.078
	-0.059
	1.096
	0.049
	1.003
	0.278
	0.958
	0.068
	1.066

	
	Is somewhat insufficient
	-0.313
	0.994
	0.226
	0.992
	0.082
	0.954
	0.056
	1.005
	-0.077
	1.01
	0.223
	0.969
	-0.087
	1.07

	
	Is enough
	-0.203
	1
	0.212
	0.834
	0.098
	0.921
	0.032
	0.987
	-0.029
	1.014
	0.286
	0.796
	0.068
	0.952

	
	Let to live well
	-0.403
	1.063
	0.04
	0.956
	0.018
	0.816
	-0.052
	1.008
	-0.135
	1.056
	0.255
	0.869
	-0.178
	1.078

	
	More than necessary, they can save
	-0.37
	0.721
	0.116
	0.924
	0.111
	0.646
	0.011
	1.274
	-0.3
	1.039
	0.221
	0.65
	0.241
	0.641

	The student lives
	With both parents
	-0.278
	1.003
	0.202
	0.923
	0.078
	0.943
	0.03
	0.993
	-0.032
	1.008
	0.292
	0.858
	0.005
	1.002

	
	Only with the mother
	-0.311
	1.08
	0.095
	1.045
	-0.015
	1.088
	-0.098
	1.144
	-0.127
	1.063
	0.035
	1.108
	-0.127
	1.222

	
	Only with the father
	0.396
	0.923
	-0.535
	0.89
	-0.073
	0.975
	-0.288
	1.87
	-0.235
	0.992
	0.151
	0.925
	0.305
	0.77

	Reading habits
	Do not read although parents say to
	-0.336
	1.036
	0.2
	0.973
	0.158
	0.983
	0.058
	1.028
	-0.112
	1.082
	0.16
	0.965
	-0.075
	1.043

	
	Do not read and parents do not say to
	-0.453
	1.143
	-0.169
	0.958
	-0.124
	1.095
	-0.265
	1.162
	-0.183
	0.963
	0.231
	0.853
	-0.116
	1.04

	
	Read because parents say to
	-0.051
	0.878
	0.028
	0.987
	0.275
	0.897
	0.062
	1.053
	0.073
	0.921
	0.245
	0.83
	-0.095
	1.07

	
	Read because the student likes it
	-0.264
	0.992
	0.302
	0.885
	0.029
	0.921
	0.053
	0.964
	-0.014
	1.02
	0.309
	0.892
	0.064
	1.008

	School funding
	Public
	-0.302
	0.99
	0.175
	0.949
	0.068
	0.977
	-0.002
	1.028
	-0.045
	1.028
	0.254
	0.914
	-0.027
	1.045

	
	Semi-private
	-0.207
	1.088
	0.182
	0.917
	0.036
	0.921
	0.028
	1.009
	-0.039
	0.971
	0.293
	0.802
	0.027
	0.945

	
	Private
	0.312
	0.703
	0.436
	0.81
	0.198
	0.752
	0.244
	0.893
	-0.224
	0.946
	0.387
	0.791
	0.077
	1.138


Notes: “S.D.” indicates “standard deviation”.
Source: Authors’ own calculations.


Table A3. Descriptive statistics for boys
	
	
	 Standardised boys’ self-assessment of their soft-skills

	
	
	Sports
	Music, art in general
	Relationships
	Street knowledge
	Manual skills
	Being sensitive
	Being brave

	Variables
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.
	Mean
	S.D.

	Immigrant status
	Native
	0.288
	0.899
	-0.197
	1.034
	-0.072
	1.046
	-0.019
	0.986
	0.036
	0.988
	-0.271
	1.027
	-0.009
	0.973

	
	First generation immigrant
	0.427
	0.957
	-0.212
	0.924
	-0.113
	0.862
	0.151
	0.769
	0.374
	0.907
	-0.469
	1.142
	0.492
	0.819

	
	Second generation immigrant
	0.447
	0.656
	-0.127
	0.876
	0.055
	0.92
	-0.052
	0.914
	0.012
	0.804
	-0.342
	1.062
	-0.034
	0.869

	Repeater
	No
	0.239
	0.827
	-0.148
	0.975
	-0.199
	1.023
	-0.03
	0.876
	-0.021
	0.893
	-0.213
	0.931
	-0.085
	0.891

	
	Yes
	0.371
	0.952
	-0.239
	1.086
	0.097
	0.976
	0.015
	1.039
	0.147
	1.059
	-0.346
	1.11
	0.085
	1.025

	Study room at home
	Yes
	0.298
	0.883
	-0.159
	0.997
	-0.063
	1.033
	0.026
	0.945
	0.028
	0.963
	-0.246
	1.018
	0.015
	0.947

	
	No
	0.288
	0.955
	-0.358
	1.13
	-0.107
	1.055
	-0.183
	1.093
	0.135
	1.062
	-0.425
	1.079
	-0.015
	1.061

	Computer and Internet access
	Yes
	0.287
	0.897
	-0.135
	1.011
	-0.078
	1.049
	-0.001
	0.977
	0.056
	0.982
	-0.231
	1.016
	0.001
	0.97

	
	No
	0.355
	0.896
	-0.593
	1.04
	-0.024
	0.951
	-0.09
	0.979
	-0.006
	0.99
	-0.594
	1.077
	0.06
	0.964

	Number of books at home in tens
	50 or less
	0.292
	0.916
	-0.234
	0.991
	0.002
	0.982
	-0.021
	1.014
	0.082
	0.992
	-0.314
	1.102
	0.058
	0.987

	
	More than 50 to 120
	0.337
	0.877
	-0.243
	1.049
	-0.164
	1.061
	-0.077
	0.972
	0.01
	0.996
	-0.3
	0.995
	-0.014
	0.962

	
	More than 120
	0.265
	0.894
	-0.111
	1.041
	-0.069
	1.07
	0.052
	0.938
	0.044
	0.962
	-0.223
	0.982
	-0.026
	0.956

	Father years of schooling
	10 years or less
	0.351
	0.886
	-0.215
	1.056
	0.002
	1.011
	0.002
	1.009
	0.08
	0.996
	-0.35
	1.089
	0.048
	0.974

	
	More than 10 years
	0.226
	0.907
	-0.173
	0.987
	-0.165
	1.063
	-0.034
	0.935
	0.006
	0.966
	-0.189
	0.946
	-0.041
	0.962

	Mother years of schooling
	10 years or less
	0.343
	0.892
	-0.228
	1.035
	-0.008
	1.022
	-0.02
	1.02
	0.063
	1.005
	-0.309
	1.08
	0.058
	0.962

	
	More than 10 years
	0.229
	0.9
	-0.151
	1.013
	-0.162
	1.051
	-0.004
	0.913
	0.026
	0.951
	-0.237
	0.956
	-0.062
	0.976

	Household income
	Totally insufficient
	0.346
	0.985
	-0.289
	1.123
	0.12
	1.048
	0.039
	1.103
	0.045
	1.08
	-0.283
	1.066
	0.043
	1.04

	
	Is somewhat insufficient
	0.342
	0.848
	-0.162
	1.017
	-0.083
	1.024
	0.003
	0.978
	0.086
	0.959
	-0.284
	1.018
	0.044
	0.895

	
	Is enough
	0.262
	0.934
	-0.146
	0.985
	-0.177
	1.064
	-0.125
	0.944
	0.023
	0.941
	-0.251
	1.034
	-0.03
	1.03

	
	Let to live well
	0.24
	0.808
	-0.243
	0.958
	0.014
	0.939
	0.177
	0.838
	0.08
	0.94
	-0.306
	1.01
	-0.011
	0.898

	
	More than necessary, they can save
	0.301
	0.63
	-0.782
	1.253
	-0.29
	1.036
	-0.052
	0.89
	-0.454
	1.627
	-0.792
	1.425
	-0.017
	1.106

	The student lives
	With both parents
	0.305
	0.891
	-0.191
	1.031
	-0.075
	1.044
	0
	0.979
	0.04
	0.979
	-0.272
	1.013
	0.011
	0.956

	
	Only with the mother
	0.271
	0.986
	-0.289
	1.014
	0.003
	0.994
	-0.09
	0.993
	0.124
	1.035
	-0.255
	1.111
	0.082
	1.042

	
	Only with the father
	0.037
	0.642
	0.027
	0.852
	-0.282
	0.921
	-0.249
	0.819
	0.023
	0.92
	-0.799
	1.383
	-0.46
	1.109

	Reading habits
	Do not read although parents say to
	0.41
	0.859
	-0.35
	1.02
	0.026
	1.021
	0.001
	0.973
	0.084
	0.974
	-0.266
	1.016
	0.038
	0.924

	
	Do not read and parents do not say to
	0.352
	0.901
	-0.283
	1.001
	-0.124
	1.141
	-0.048
	1.012
	-0.007
	0.993
	-0.456
	1.097
	0.072
	0.987

	
	Read because parents say to
	0.411
	0.814
	-0.161
	0.858
	-0.051
	0.901
	0.009
	0.876
	-0.046
	0.883
	-0.266
	0.893
	0
	0.957

	
	Read because the student likes it
	0.105
	0.937
	-0.019
	1.09
	-0.143
	1.045
	-0.017
	1.01
	0.088
	1.029
	-0.201
	1.061
	-0.049
	1.007

	School funding
	Public
	0.319
	0.907
	-0.165
	1.02
	-0.039
	1.014
	0.014
	0.971
	0.097
	0.977
	-0.291
	1.032
	0.044
	0.951

	
	Semi-private
	0.209
	0.876
	-0.309
	1.057
	-0.164
	1.054
	-0.099
	0.947
	-0.128
	0.983
	-0.245
	1.016
	-0.154
	1.018

	
	Private
	0.396
	0.648
	0.044
	0.651
	0.101
	0.642
	0.383
	0.397
	0.038
	1.091
	0.135
	0.856
	0.404
	0.688


Notes: “S.D.” indicates “standard deviation”.
Source: Authors’ own calculations.
