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ABSTRACT
Generative artificial intelligence (GenAI) is quickly transforming travel planning; however, its outputs can include hallucina-
tions, which are plausible yet false statements that can undermine user judgement. Eliminating hallucinations in GenAI tech-
nology is currently impossible. This research analyses, through two experiments, how hallucinations in itineraries generated 
by ChatGPT influence consumer behaviour. Study 1 (n = 1004) explores a serial-mediation pathway where the presence of hal-
lucinations affects the intention to follow the itinerary through perceived accuracy, perceived usefulness and trustworthiness. 
Hallucinations significantly reduced perceived accuracy. As accuracy increased, usefulness improved, leading to greater trust-
worthiness, which strongly predicted intention. Although the direct effect of hallucinations on intention was not significant, 
the serial indirect effect was negative and significant. Study 2 (n = 241) investigates how the outcome's positive or negative value 
and the importance of error feedback influence the results. The findings indicate that the valence of outcomes moderates the 
relationship (i.e., positive outcomes yielded higher intention to follow the recommendation than negative outcomes). However, 
when errors were salient (i.e., when there was a hallucination accompanied by negative consequences) intentions to follow the 
recommendation decreased further. Together, these studies contribute to an integrative framework that connects cognitive fac-
tors (accuracy, usefulness), attitudinal factors (trust), experiential factors (observed outcomes) and contextual factors (error sa-
lience) to explain how and when GenAI hallucinations can reduce compliance with travel advice. The findings enhance our 
understanding of the potential drawbacks of GenAI in tourism and provide actionable guidance for developing more transparent, 
reliable and user-centred GenAI travel systems.

1   |   Introduction

Generative artificial intelligence (GenAI) has emerged as a 
disruptive technology profoundly transforming how consum-
ers plan their trips and access tourism-related information. 
Tools such as ChatGPT or Gemini, built upon large-scale lan-
guage models (LLMs), enable the generation of personalised 
itineraries, tailored recommendations and detailed destination 
descriptions, thereby enhancing planning efficiency and rais-
ing expectations regarding the quality of suggestions received 

(Christensen et al. 2024; Kim, Kim, Kim, and Kim 2023; Kim, 
Kim, Kim, and Hailu 2023; Yaprak 2024).

Specifically, the adoption of GenAI-based technologies within 
the tourism sector is projected to grow at an annual rate of 
30% until 2030, fuelled by the demand for personalised, effi-
cient and real-time services (Yaprak 2024). Unlike traditional 
sources of tourism information, such as official websites, 
opinion aggregators or human recommendations, GenAI 
systems stand out due to their ability to simulate natural 
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language, incorporate user preferences and deliver instant 
responses, thereby enhancing perceived personalisation and 
utility (Christensen et al. 2024; Wong et al. 2023). This revo-
lution in human–technology interaction has triggered grow-
ing academic interest in the behavioural effects of using these 
tools in tourism contexts (Jia et al. 2024).

Whilst the potential benefits of GenAI in tourism planning 
are considerable, scholars have also highlighted its dark side. 
Beyond efficiency gains, GenAI systems introduce risks linked 
to misinformation, lack of transparency and the erosion of con-
sumer autonomy (Grewal et al. 2021; Puntoni et al. 2021). These 
concerns are particularly acute in tourism, where decisions 
often depend on the accuracy of recommendations. The very 
features that make GenAI valuable to consumers also generate 
unintended costs. According to Grewal et al. (2021), AI can com-
promise transparency and fairness, whilst Puntoni et al. (2021) 
identify hidden costs such as loss of control, exploitation and 
alienation. Together, these insights frame GenAI not as a neu-
tral tool but as an experiential technology with profound social 
and psychological consequences.

One of the most pressing risks is the phenomenon of GenAI 
‘hallucinations’, defined as the generation of false, fabricated or 
misleading information by a model, often presented with high 
confidence (Sun et  al.  2024). These outputs may range from 
minor factual inaccuracies to elaborate yet fictitious content, 
creating serious challenges in domains such as travel planning. 
In tourism, where consumers frequently rely on accurate in-
formation to decide itineraries, accommodation or activities, 
even seemingly minor errors can undermine trust and dam-
age user experiences (Christensen et al. 2024; Kim, Kim, Kim, 
and Kim 2023; Kim, Kim, Kim, and Hailu 2023). For example, 
Christensen et al. (2024) show that consumers sometimes adopt 
itineraries containing obvious GenAI-generated errors, perceiv-
ing them as neutral or personalised, which reveals a paradox 
of over-reliance on automated systems. Common inaccuracies 
include fictitious attraction opening hours or references to non-
existent restaurants, which can generate frustration, financial 
loss and reputational damage for destinations or brands (Kim 
et  al.  2025; Yaprak  2024). In this respect, hallucinations not 
only compromise the credibility of the technology but also pose 
broader risks to consumer well-being.

Although some studies demonstrate that GenAI errors reduce 
visitation intentions (Kim et  al.  2025), the underlying mech-
anisms remain underexplored. Hallucinations can mislead 
users, disrupt trust and impair decision quality (Christensen 
et al. 2024; Sun et al. 2024). These risks are magnified by the 
opaque, black-box nature of GenAI systems, which restrict user 
control and transparency (Grewal et  al.  2021). As Dietvorst 
et al. (2015) note, such shortcomings may trigger algorithm aver-
sion, whilst Puntoni et al. (2021) stress that they can also erode 
consumer autonomy and emotional stability. Consequently, hal-
lucinations represent a critical expression of the dark side of AI 
in tourism contexts.

Despite the growing deployment of GenAI for travel planning, 
important gaps persist. Kim et  al.  (2025) demonstrate that er-
rors can dampen destination visit intentions; however, we lack 
clarity on how specific error characteristics and their real-world 

consequences influence consumer responses. In particular, little 
is known about how travellers interpret and react to different 
error types (e.g., fabrications such as a non-existent restaurant 
vs. factual inaccuracies such as incorrect opening hours), how 
error salience matters (e.g., high when a closed venue leads to 
a wasted trip vs. low when a minor date mismatch is inconse-
quential) and what downstream outcomes follow (e.g., cancelled 
bookings, time loss, extra expense or even serendipitous dis-
covery of an enjoyable alternative). Accordingly, we formulate 
the following research questions: How do error type and error 
salience differentially affect trust, perceived reliability and in-
tentions to use or book? Through which psychological pathways 
do hallucinations influence judgements and choices? Moreover, 
do tangible outcomes (wasted trip, time loss, extra expense) me-
diate or moderate the relationship between hallucinations and 
consumer behaviour? The present study addresses this gap by 
examining the cognitive, attitudinal, behavioural and experi-
ential consequences of hallucination-induced errors in tourism 
recommendations, using two controlled experiments.

This research makes three significant contributions. First, it 
builds on previous studies by examining not only the occurrence 
of hallucinations but also the effects of experiencing their posi-
tive outcomes (unexpectedly satisfactory experiences) and nega-
tive outcomes (dissatisfaction and unmet expectations). Second, 
it moves beyond traditional structural views on errors (such as 
type and relevance) by analysing how the valence of the out-
come and the salience of the error together influence consumer 
acceptance. Third, it develops a comprehensive framework that 
articulates cognitive, attitudinal, contextual and other dimen-
sions, providing a deeper understanding of the darker aspects of 
GenAI in tourism and expanding beyond standard acceptance 
models.

The article is structured as follows: first, it presents a theoretical 
review of GenAI and its implications for digital tourism. Next, 
it outlines the experimental design and the variables being in-
vestigated. Then, it examines the empirical results obtained. 
Finally, it discusses the theoretical and practical implications of 
the study, as well as its limitations and potential directions for 
future research.

2   |   Theoretical Background and Hypotheses 
Development

2.1   |   Conceptualisation and Causes

GenAI has revolutionised travel planning by enabling the 
real-time generation of personalised recommendations 
through models and services such as ChatGPT, Gemini or 
DeepSeek. These tools surpass traditional sources, such as of-
ficial websites or forums, by offering adaptive itineraries, sim-
ulated conversations and immediate solutions (Christensen 
et al. 2024; Kim, Kim, Kim, and Kim 2023; Kim, Kim, Kim, 
and Hailu 2023). Their capacity to tailor content to individual 
interests positions GenAI as a key catalyst for innovation in 
the tourism experience (Yaprak  2024). Beyond this, GenAI 
tools can support tourists across all stages of travel, from the 
pre-trip planning phase, where they are particularly valu-
able for information search and itinerary design, to in-trip 
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assistance and post-trip reflection. During the early stages, 
GenAI reduces information overload by synthesising vast 
amounts of data into coherent, personalised recommenda-
tions (Carvalho and Ivanov 2023; Liu and Du 2025). In-trip, its 
ubiquity enables travellers to receive real-time guidance and 
problem-solving, enhancing perceived control and reducing 
uncertainty (Solomovich and Abraham 2024; Xu et al. 2025). 
Post-trip, its interactive and anthropomorphic qualities foster 
engagement and emotional connection, which can influence 
satisfaction and word-of-mouth behaviour (Gursoy et al. 2023; 
Wong et  al.  2023). This multi-stage utility underscores the 
transformative potential of GenAI in shaping the end-to-end 
tourism experience.

However, the widespread deployment of these technologies 
has also exposed new vulnerabilities, particularly concern-
ing the accuracy of the information produced. Unlike human 
sources, GenAI models can generate unintentional errors, 
posing specific challenges in contexts where accuracy and 
reliability are critical for decision-making, such as travel 
planning (Guttentag et  al.  2024; Hrankai and Mak  2025; Ji 
et  al.  2023; van Dis et  al.  2023). Specifically, one of the pri-
mary risks associated with GenAI is the production of hal-
lucinations, that is, coherent yet incorrect, fabricated or 
logically inconsistent outputs presented with undue confi-
dence (Ji et  al.  2023; Sun et  al.  2024). Hallucinations come 
from three main causes. First, problems in the training data, 
such as mistakes or biases, lead models to repeat false patterns 
or unverified information (Ji et  al.  2023; Rawte et  al.  2023). 
Second, models tend to be overconfident and are designed to 
prioritise fluent, natural-sounding text over factual accuracy, 
which makes them produce confident but incorrect answers 
(Kalai and Vempala  2024; OpenAI  2024). Third, because 
these systems do not reason deeply or connect their answers 
to real sources, they often rely on stored patterns in their 
parameters instead of evidence, especially on tasks requir-
ing causal explanations or ‘what if’ reasoning (Ji et al. 2023; 
van Dis et  al.  2023). Notably, both recent theoretical analy-
ses (Kalai and Vempala 2024) and industry reports highlight 
that hallucinations are not merely residual flaws but an in-
herent by-product of how LLMs are trained and evaluated. As 
OpenAI  (2025) explicitly recognises, hallucinations remain 
a fundamental challenge that cannot be entirely eliminated, 
since current training and evaluation methods incentivise 
confident guessing over calibrated uncertainty. Thus, efforts 
can only aim to mitigate rather than fully eradicate halluci-
nations, underscoring their persistent role in GenAI systems.

In tourism, these mechanisms yield factual inaccuracies, fab-
rications, omissions or illogical chains (e.g., non-existent ven-
ues, wrong opening hours), which degrade decision quality and 
trust (Christensen et al. 2024; Kim et al. 2025; Sun et al. 2024). 
Notably, some users still adopt GenAI suggestions due to per-
ceived neutrality or personalisation, masking underlying risk 
(Christensen et al. 2024). GenAI hallucinations and classic rec-
ommendation errors differ in nature, impact and mechanism. 
Hallucinations concern factual veracity: the system asserts plau-
sible but false or ungrounded information (intrinsic: contradicts 
a source; extrinsic: unverifiable by the source) (Ji et al. 2023; Sun 
et al. 2024). By contrast, traditional recommender errors typi-
cally involve relevance, coverage or ranking, suggesting options 

that are suboptimal or poorly matched, without inventing facts 
(Xu et al. 2024).

The trust consequences diverge accordingly: hallucinations 
directly erode credibility because they violate the truthfulness 
expectation of an informational agent, whereas classic recom-
mender misfires more often produce dissatisfaction or choice 
overload rather than a breach of epistemic trust (Christensen 
et  al.  2024; Kim et  al.  2025; Xu et  al.  2024). Systematically, 
hallucinations stem from LLMs' fluency-first decoding and 
weak grounding, whereas classical recommendation errors re-
flect data sparsity, preference misestimation or ranking noise 
(Ji et  al.  2023; Sun et  al.  2024). In tourism, this distinction 
matters because factually wrong content misleads itineraries 
and damages destinations, amplifying negative behavioural 
responses (Christensen et  al.  2024; Kim et  al.  2025) (see 
Appendix A).

In the tourism domain, hallucinations can result in user 
frustration, resource loss and distrust (Kumar et  al.  2023). 
Nevertheless, Christensen et  al.  (2024) observed that even 
when users identify hallucinations, they may continue to use 
GenAI due to its perceived neutrality. Other studies, however, 
indicate that the presence of hallucinations significantly di-
minishes users' intention to follow recommendations (Kim 
et  al.  2025) and may elicit negative emotional responses 
(Yaprak 2024).

The accessibility-diagnosticity theory, proposed by Feldman 
and Lynch Jr. (1988), posits that the influence of information 
on decision-making depends on two key factors: its acces-
sibility, how easily it can be retrieved, and its diagnosticity, 
its perceived relevance to the task at hand. This framework 
is particularly useful in understanding the impact of hallu-
cinations generated by GenAI models such as ChatGPT in 
tourism decision contexts (Kim, Kim, Kim, and Kim  2023; 
Kim et al. 2025). When erroneous GenAI-provided informa-
tion is both easily accessible and perceived as diagnostic, it is 
more likely to distort user judgements, undermining not only 
specific decisions but also overall trust in the system. In this 
regard, the salience of the error, defined by its visibility, clar-
ity or perceived impact, alongside users' interpretation of the 
error as indicative of overall system performance, is a critical 
factor amplifying the detrimental effects of hallucinations. 
Consequently, the severity of the impact is not solely deter-
mined by the error itself but also by its perceived relevance to 
the user's task.

Thus, the accessibility-diagnosticity theory gains salience 
in the domain of GenAI tourism recommendations, where 
information accuracy and credibility are rigorously scru-
tinised, especially under conditions of perceived uncertainty 
or risk (McKnight et  al.  2011; Shi et  al.  2021). Some schol-
ars argue that, unlike human sources, errors committed by 
GenAI systems may provoke a sharper decline in trust due to 
the so-called algorithm aversion effect (Dietvorst et al. 2015). 
Consistent with this, recent studies show that the presence 
of GenAI errors significantly reduces users' willingness to 
follow recommendations, even when users acknowledge the 
error, as it is perceived as a systemic flaw that undermines 
trust in the technology overall (Christensen et al. 2024; Kim 
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et al. 2025; Sun et al. 2024) (see Appendix A). Accordingly, the 
following hypothesis is proposed:

H1.  The presence of hallucinations in ChatGPT-generated rec-
ommendations decreases users' likelihood of following the sug-
gested itinerary.

2.2   |   Cognitive Mediators: Perceived Accuracy, 
Usefulness and Trust

Prior research on technology adoption consistently shows 
that cognitive evaluations are the primary engine behind 
users' behavioural intentions (e.g., perceived accuracy, useful-
ness and trust) (Jia et al. 2024; Kim et al. 2025; Shi et al. 2021; 
Topsakal  2025). In information-provision contexts, perceived 
accuracy acts as a first-stage filter through which people assess 
credibility and decide whether to act (Filieri and McLeay 2014; 
McKnight et  al.  2011; Park et  al.  2007). Classic acceptance 
frameworks, the Technology Acceptance Model (TAM) and the 
Theory of Planned Behaviour (TPB), likewise position belief 
formation as antecedent to intention, with judgements about in-
formation quality shaping downstream attitudes and behaviour 
(Ajzen  1985; Davis  1989). Applied to conversational recom-
menders such as ChatGPT, this logic implies that any factor that 
degrades perceived accuracy should also erode subsequent eval-
uations and intentions.

GenAI hallucinations are precisely such a factor: they are 
plausible yet false, unfounded or logically inconsistent outputs 
often delivered with unwarranted confidence (Christensen 
et al. 2024; Kumar et al. 2023; OpenAI 2024; Sun et al. 2024; 
Yaprak 2024). Hallucinations arise from data noise and bias, 
fluency-over-truth optimisation and shallow, ungrounded 
generation, making them difficult for lay users to detect (Ji 
et al. 2023; OpenAI 2024; Sun et al. 2024). In travel settings, 
where informational precision is integral to plans and costs, 
exposure to fabricated venues, incorrect hours or mislead-
ing routes directly undermines accuracy judgements and, in 
turn, perceived reliability and willingness to act on the advice 
(Christensen et al. 2024; Hrankai and Mak 2025; Kim, Kim, 
Kim, and Kim  2023; Kim, Kim, Kim, and Hailu  2023; Kim 
et al. 2025). Based on this literature, we propose the following 
hypothesis:

H2.  The presence of hallucinations negatively affects the per-
ceived accuracy of ChatGPT-generated recommendations.

Prior research consistently highlights the central role of cog-
nitive evaluations in shaping users' behavioural intentions to-
wards emerging technologies (Jia et al. 2024; Kim et al. 2025; 
Shi et  al.  2021; Topsakal  2025). Within this framework, per-
ceived accuracy functions as the primary filter through which 
users assess the credibility and value of information (Hrankai 
and Mak 2025; Kim, Kim, Kim, and Kim 2023; Kim et al. 2025). 
Consumers tend to regard objectively correct information as 
more valuable for decision-making because it enhances preci-
sion and efficiency, ultimately saving time and effort (Demir 
and Demir 2023; Guttentag et al. 2024; Park et al. 2007; Wong 
et  al.  2023). Indeed, prior studies demonstrate that users per-
ceive GenAI assistants as both intelligent and useful when they 

consistently provide accurate and high-quality recommenda-
tions (Hrankai and Mak 2025).

By contrast, when GenAI recommendations are inaccurate 
or contain hallucinations, users are less likely to perceive 
them as helpful for itinerary planning (Kim, Kim, Kim, and 
Kim  2023; Loureiro et  al.  2024; Shin et  al.  2025). The pres-
ence of incorrect information undermines both accuracy and 
reliability perceptions, thereby reducing consumers' willing-
ness to adopt or follow GenAI-generated recommendations 
(Kim et  al.  2025; Pretolesi et  al.  2024). In this regard, prior 
research has shown that the accuracy of ChatGPT-generated 
content significantly influences perceived usefulness and, 
consequently, acceptance of recommendations, positioning 
accuracy as a key antecedent of technology adoption (Kim, 
Kim, Kim, and Kim  2023; Kim, Kim, Kim, and Hailu  2023; 
Topsakal 2025). Accuracy judgements subsequently shape per-
ceptions of usefulness, as users tend to consider information 
that is factually correct as more valuable for decision-making 
(Park et  al.  2007). In contrast, when recommendations are 
inaccurate, users are less likely to perceive them as helpful 
for planning their itineraries. Accordingly, we propose the fol-
lowing hypothesis:

H3.  Perceived accuracy positively influences the perceived use-
fulness of ChatGPT-generated recommendations.

Trust emerges as a critical attitudinal construct shaping the ac-
ceptance and sustained use of GenAI technologies (Christensen 
et al. 2024; Duong et al. 2025; Kim, Kim, Kim, and Kim 2023; 
Kim et al. 2025; Liu and Du 2025; Shi et al. 2021; Topsakal 2025). 
Within this framework, information perceived as useful 
strengthens users' trust, as they interpret the technology as ca-
pable of supporting their goals, reducing uncertainty, and facil-
itating effective decision-making (Chang and Park 2024; Demir 
and Demir  2023; Hrankai and Mak  2025; Wong et  al.  2023). 
Empirical evidence reinforces this connection, demonstrating 
that the quality, accuracy and relevance of GenAI recommen-
dations are significant antecedents of user trust. For instance, 
the perceived relevance, credibility and usefulness of ChatGPT 
outputs have been shown to positively influence behavioural 
intentions through enhanced trust (Ali et  al.  2023; Guttentag 
et al. 2024). Similarly, perceived system performance has been 
identified as a strong predictor of trust in GenAI recommend-
ers (Chang and Park  2024). When users believe that GenAI 
technologies consistently meet their needs and expectations, 
they develop stronger identification with the system, thereby 
reinforcing trust (Liu and Du  2025). Conversely, exposure to 
hallucinations undermines perceived system reliability, reduc-
ing users' trust and highlighting the need for consistent accu-
racy to maintain confidence (Kim, Kim, Kim, and Kim  2023; 
Kim et al. 2025; Loureiro et al. 2024; Pretolesi et al. 2024; Shin 
et al. 2025). In tourism contexts, where decision-making is in-
herently uncertain, ChatGPT's ability to deliver personalised, 
timely and precise recommendations is essential for generat-
ing value and fostering traveller trust (Demir and Demir 2023; 
Gursoy et  al.  2023). Accordingly, we propose the following 
hypothesis:

H4.  Perceived usefulness positively influences users' trustwor-
thiness in ChatGPT.
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Incorrect or fabricated information produced by GenAI is per-
ceived as less precise and less trustworthy, negatively influenc-
ing travellers' intention to visit suggested destinations (Kim 
et al. 2025; Loureiro et al. 2024). Users are less inclined to trust 
or act upon recommendations if they perceive the GenAI as in-
competent or lacking common sense (Hrankai and Mak 2025). 
Thus, the ability of ChatGPT to consistently provide precise and 
useful content is fundamental to maintaining the credibility of 
its recommendations and ensuring that users regard them as re-
liable. Accordingly, we propose the following hypothesis:

H5.  Trustworthiness positively influences intention to follow 
the itinerary.

2.3   |   Experiential Moderators: Observed Outcomes 
and Error Salience

In addition to the informational content itself, the user's ex-
perience after following a GenAI-generated recommendation 
significantly influences their subsequent evaluation of the sys-
tem. Multiple studies have shown that the observed positive or 
negative outcomes act as experiential anchors that moderate 
the perception of prior errors (e.g., a positive outcome could be 
discovering an enjoyable attraction despite an inaccurate rec-
ommendation, whereas a negative outcome could be arriving at 
a non-existent restaurant) (Kim et al. 2025). This effect aligns 
with experiential learning theories and post-use trust models, 
which argue that specific experiences with a technology shape 
future willingness to use or trust it (Filieri and McLeay 2014; 
McKnight et al. 2002; Shi et al. 2021). Thus, when an erroneous 
recommendation leads to a satisfactory experience, users tend 
to downplay the mistake and maintain their trust in the system 
(e.g., a wrong opening hour is ignored if the restaurant is still 
accessible and enjoyable). Conversely, suppose the error results 
in a negative experience (i.e., with the error being salient). In 
that case, it is interpreted as a systemic flaw, amplifying its im-
pact and deteriorating perceived credibility (e.g., arriving at a 
recommended hotel that does not exist) (Christensen et al. 2024; 

Kim et al. 2025; Sun et al. 2024). This phenomenon highlights 
the role of practical experience in the acceptance of generative 
GenAI-based systems and in shaping user behaviour regarding 
the information they provide. Based on this rationale, the fol-
lowing hypothesis is proposed:

H6.  The valence of the observed consequence after following a 
ChatGPT-generated recommendation moderates the effect of er-
rors, such that positive outcomes mitigate their negative impact on 
the intention to follow the suggested itinerary, whereas negative 
outcomes amplify this effect.

Information that is highly accessible and relevant in memory 
strongly influences evaluations and behaviours. In this context, 
error salience, defined as the combination of incorrect informa-
tion generated by ChatGPT (hallucinations) and the subsequent 
observation of a negative outcome (e.g., a recommended restau-
rant that turns out to be closed or non-existent), increases the ac-
cessibility and diagnosticity of the failure, thereby intensifying 
its impact on consumers' intention to follow the recommenda-
tion (Feldman and Lynch Jr. 1988). This relationship is consis-
tent with previous research showing that when errors in GenAI 
content are detected, especially when they lead to unfavourable 
consequences (e.g., wasted time, cancelled bookings or financial 
loss), users' trust, perceived credibility and intention to reuse 
the system are substantially reduced (Christensen et  al.  2024; 
Kim et  al.  2025; Yaprak  2024). Moreover, the literature on al-
gorithm aversion indicates that consumers evaluate mistakes 
made by automated systems more harshly than those made by 
humans, particularly when such errors cause negative outcomes 
(Dietvorst et  al.  2015). Therefore, the following hypothesis is 
proposed:

H7.  Error salience moderates the effect of incorrect informa-
tion, such that when a hallucination leads to a negative outcome, 
consumers show a significant reduction in their intention to follow 
the suggested itinerary.

The overall study framework is depicted in Figure 1.

FIGURE 1    |    Theoretical framework.
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3   |   Methodology

3.1   |   Research Overview

We conducted two complementary experiments: Study 1 
(n = 1004; September 2024) investigates the mediational path-
way from the presence of hallucinations to the intention to 
follow the itinerary, focusing on perceived accuracy, perceived 
usefulness and trustworthiness. Study 2 (a between-subjects 
design with a 2 × 2 configuration: hallucination present vs. 
absent × observed outcome positive vs. negative; n = 241; July 
2025) explores the moderating effects of outcome valence (ei-
ther a positive or negative consequence following the GenAI 
recommendation) and error salience (the combination of hal-
lucinations and negative outcomes that makes the error highly 
visible or diagnostic to participants). Both studies utilised real 
screenshots from ChatGPT as stimuli (refer Figures  2 and 3 
for details).

ChatGPT functions as a personalised recommendation agent ca-
pable of suggesting routes, activities and travel options aligned 
with individual preferences (Kim, Kim, Kim, and Kim  2023; 
Wong et  al.  2023; Yaprak  2024). By combining advanced nat-
ural language processing with vast training corpora, ChatGPT 
elevates tourism digitalisation to a new level, offering hyper-
personalised planning experiences that rival and, in some re-
spects, surpass those provided by human or institutional sources 
(Christensen et al. 2024).

3.2   |   Study 1: Analysing the Mediational 
Pathway From the Presence of Hallucinations 
to the Intention to Follow the Itinerary: 
Perceived Accuracy, Perceived Usefulness 
and Trustworthiness

In Study 1, we aim to establish the baseline causal effect of 
GenAI hallucinations on consumers' acceptance of ChatGPT's 
itinerary. We expect that the presence of hallucinations will 
reduce participants' intention to follow the recommended itin-
erary because errors lower perceived accuracy, diminish per-
ceived usefulness and erode trust in the recommendation. This 
Study 1 adopted a between-subjects design with two conditions 
(hallucination: present vs. absent).

3.2.1   |   Participants, Procedure and Measurement

We conducted an a priori power analysis using G*Power 
(Kang  2021) to estimate the minimum sample size needed to 
detect the targeted effect with adequate power. We employed 
an F test for linear multiple regression (fixed model, examin-
ing R2 deviation from zero) with an assumed large effect size 
( f2 = 0.35), an alpha level of 0.01 and a desired statistical power 
of 0.95. The analysis indicated that a minimum sample size of 
77 participants was needed to achieve the specified power. The 
sample size exceeded this threshold, ensuring adequate power 
to detect both main and mediation effects.

FIGURE 2    |    Stimuli for Study 1. Left stimulus with incorrect information (hallucinations present). Right stimulus without incorrect information 
(no hallucinations).
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Participants were students from a Spanish university, recruited 
in person (n = 1004; Mage = 25.5; 51.2% male; 93.2% had prior 
knowledge of ChatGPT; 72.4% reported using it regularly or sev-
eral times per week; 53.6% used GenAI to plan trips).

University students are considered a socio-demographically 
homogeneous and valid group, as they are amongst the 
primary users of emerging technologies (Anaya-Sánchez 
et al. 2024; Flavián et al. 2021) and are of particular interest in 
the study of GenAI (Christensen et al. 2024; Kim et al. 2025). 
The sample is located in a well-established tourism destina-
tion known for its high visitor volume (Paül-i-Agustí  2025). 
This destination is at the forefront of adopting GenAI within 
the tourism sector, playing a strategic role in national tour-
ism. Additionally, travellers here are particularly open to 
utilising tools that enhance the personalisation and optimisa-
tion of itineraries and services (Amadeus and Opinium 2025; 
Phocuswright 2023). This context builds on previous studies 
that examined the effects of AI in generic, non-tourism or 
multi-country samples by concentrating on a mature, high-
stakes tourism ecosystem where the integration of GenAI and 
travellers' openness to new technologies are above average. 
As a result, this setting increases the likelihood of observing 
significant outcomes from AI-generated errors, offering a rig-
orous test of the mechanisms linking these errors to traveller 
behaviour.

Inclusion criteria required prior use of ChatGPT in the last 
month and at least one leisure trip in the previous year.

Participants were randomly allocated to one of two conditions, 
hallucination present (n = 494) or hallucination absent (n = 510), 
and evaluated ChatGPT outputs during a simulated travel-
planning task. Participants were asked to imagine planning a 

three-day trip to the city of Barcelona, searching for informa-
tion about places to visit, and using ChatGPT to obtain recom-
mendations (similar to Kim et al. 2025). The stimuli consisted 
of real ChatGPT screenshots adapted for experimental control. 
ChatGPT provided three outputs regarding what to visit, where 
to eat and the best route to reach the ‘Sagrada Família’ mon-
ument in Barcelona. Participants in the incorrect-information 
condition received additional content: ‘The Palau de la Música 
is not close to Ciutadella, the restaurant “Gourmet” does not 
exist, and the suggested route is inadvisable due to distance and 
terrain’. Participants in the no-error condition were shown the 
same ChatGPT responses but without the added incorrect infor-
mation (see Figure 2).

After reviewing the stimuli, participants completed a sur-
vey. All variables were measured using 7-point Likert scales, 
adapted from prior works (Kim, Kim, Kim, and Kim 2023; Kim 
et al. 2025). Finally, participants reported their prior experience 
with GenAI and provided demographic information.

3.2.2   |   Results and Discussion of Study 1

The perceived realism was rated as moderate but signifi-
cantly above the neutral point (M = 4.86, SD = 1.57, com-
pared to ‘4’; t(1003) = 17.382, p < 0.001). As a manipulation 
check, perceived general accuracy differed between con-
ditions. Participants in the incorrect-information con-
dition rated ChatGPT as less accurate than those in the 
no-error condition (Mincorrect information present = 3.933, SD = 1.417; 
Mincorrect information absent = 4.528, SD = 1.338; t(972) = −6.715, 
p < 0.001, mean difference = −0.595, 95% CI [−0.769, −0.421], 
Cohen's d = −0.433). This confirms that the manipulation suc-
cessfully reduced perceived accuracy as intended.

FIGURE 3    |    Serial-mediation results of Study 1. *Indirect effect. Hallucination → Perceived Accuracy → Intention to Follow Itinerary, 95% 
CI [−0.036, −0.000]. Hallucination → Perceived Usefulness → Intention to Follow Itinerary, 95% CI [−0.015, 0.003]. Hallucination → Perceived 
Trustworthiness → Intention to Follow Itinerary, 95% CI [−0.303, −0.096]. Hallucination → Perceived Accuracy → Perceived Usefulness → Perceived, 
Trustworthiness → Intention to Follow Itinerary, 95% CI [−0.035, −0.002].
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We estimated a serial-mediation model (PROCESS Model 
6) (Hayes  2017) ((X) Hallucination → (M1) Accuracy → (M2) 
Usefulness → (M3) Trustworthiness → (Y) Intention to Follow 
Itinerary) with 5000 bootstrap resamples. Direct paths showed 
that the presence of hallucinations significantly reduced per-
ceived accuracy (M1; β = −0.150, t = 2.071, p = 0.038), accu-
racy increased usefulness (M2; β = 0.672, t = 25.021, p < 0.001), 
usefulness increased trustworthiness (M3; β = 0.241, t = 5.228, 
p < 0.001) and trustworthiness strongly increased intention to 
follow the itinerary (Y; β = 0.704, t = 24.010, p < 0.001). The M1 
(Accuracy) → M3 (Trustworthiness) link was non-significant 
(β = 0.086, p = 0.058), M1 (Accuracy) → Y (Intention to Follow 
Itinerary) was non-significant (β = 0.072, p = 0.086) and M2 
(Usefulness) → Y (Intention to Follow Itinerary) was non-
significant (β = 0.039, p = 0.364). The direct effect of hallucina-
tions on intention was not significant (X (Hallucination) → Y 
(Intention to Follow Itinerary): β = 0.114, t = 1.732, p = 0.083). 
Notably, X (Hallucination) → M3 (Trustworthiness) was nega-
tive (β = −0.279, t = 3.756, p < 0.001). Bootstrapped specific in-
direct effects indicated a significant, negative and significant 
serial indirect effect (X (Hallucination) → M1 (Accuracy) → M2 
(Usefulness) → M3 (Trustworthiness) → Y (Intention to Follow 
Itinerary)) (95% CI [−0.035, −0.002]), and a small, negative 
accuracy-only path (X (Hallucination) → M1 (Accuracy) → Y 
(Intention to Follow Itinerary)) (95% CI [−0.036, −0.000]). 
The usefulness-only path was not significant (95% CI [−0.015, 
0.003]). By contrast, the trust-only path X (Hallucination) → M3 
(Trustworthiness) → Y (Intention to Follow Itinerary) was also 
negative and significant (95% CI [−0.303, −0.096]).

This pattern suggests a suppression: whilst hallucinations lower 
intention indirectly via reduced accuracy → usefulness → trust 
(supporting the theorised route), they are also associated with 
a parallel negative path via trust alone, which helps explain the 
non-significant total direct effect on intention. Hypotheses H2 
(hallucinations ↓ accuracy), H3 (accuracy → usefulness), H4 
(usefulness → trust) and H5 (trust → intention) were supported 
by the significant direct paths reported. Meanwhile, H1 (hal-
lucination ↓ intention) was not supported as a direct effect, but 
it was supported conditionally through the significant negative 
serial indirect effect (see Figure 3).

3.3   |   Study 2: Testing the Moderating Role 
of Valence and Salience

Study 2 examined the moderation effects between error va-
lence and error salience, testing whether the observation of 
negative consequences (e.g., arriving at a closed or non-existent 
restaurant) amplified the detrimental impact of hallucinations 
compared to positive outcomes (e.g., discovering an enjoyable 
attraction despite minor inaccuracies).

3.3.1   |   Procedure, Measurement and Participants

Study 2 employed a 2 (hallucination: present vs. absent) × 2 (ob-
served outcome valence: positive vs. negative) between-subjects 
design (n = 241). We define error salience as the conjunction of 
hallucination present and negative outcome. It is a derived con-
dition of the factorial design rather than an additional factor. 

Participants first evaluated real ChatGPT screenshots simulat-
ing a three-day trip to Barcelona (similar to Study 1). The treat-
ment included (hallucinations) factual inaccuracies (e.g., a 
non-existent restaurant or an inadvisable route), whereas the 
control presented identical outputs without errors (see Figure 2). 
Afterwards, participants read a short message-style vignette de-
scribing the outcome of acting on the recommendation (positive 
vs. negative). Random assignment was applied in both stages. 
Manipulation checks confirmed (a) detection of erroneous 
content and (b) correct identification of outcome valence (see 
Figure 4).

To determine the required sample size for testing the dou-
ble moderation, we conducted an a priori power analysis in 
G*Power (Kang 2021). We specified an F test for linear multiple 
regression (fixed model, R2 increase), assuming a medium effect 
size ( f2 = 0.15), an alpha level of 0.05, a desired power of 0.95, 
with two tested predictors and a total of five predictors in the 
model. The analysis indicated that a minimum of 107 partici-
pants would be required to detect the hypothesised effects. Our 
actual sample exceeded this threshold, thereby ensuring ade-
quate power for detecting the double moderation effects.

As in Study 1, participants rated the same constructs (accuracy, 
realism and intention to follow the itinerary) on 7-point scales 
adapted from prior work (Kim, Kim, Kim, and Kim 2023; Kim 
et al. 2025). Manipulation checks verified (a) detection of errone-
ous content (present vs. absent) and (b) correct identification of 
outcome valence (positive vs. negative). Error salience denotes 
cases in which participants were exposed to a hallucination and 
observed a negative outcome; it is a descriptive label derived 
from the 2 × 2 design rather than an additional factor.

The sampling strategy mirrored Study 1 and involved a similar 
university-student cohort recruited in person at a Spanish uni-
versity (N = 241; Mage = 20.45; 54% female). The same inclusion 
criteria were applied: prior use of ChatGPT in the last month 
and at least one leisure trip in the previous year. Participants 
were randomly allocated to one of two conditions, hallucination 
present (n = 170) and hallucination absent (n = 71); hallucination 
present/negative (n = 123) versus hallucination present/positive 
(n = 47). Most participants reported prior knowledge of ChatGPT 
(95%); 75% used it regularly or several times per week; 61% were 
familiar or very familiar with the tool; and 71% indicated they 
knew how to interact with ChatGPT.

3.3.2   |   Results and Discussion of Study 2

Perceived realism was rated as moderate but significantly 
above the neutral point (M = 4.71, SD = 1.39, compared to ‘4’; 
t(229) = 18.72, p < 0.001). A one-way ANOVA was conducted on 
the key metrics for the main analysis.

The experimental factor had a significant effect on the perceived 
accuracy of the information provided. Specifically, results indi-
cated that perceived accuracy was higher when incorrect in-
formation was absent (Mabsent = 4.85, SD = 1.42; compared to 
Mpresent = 3.28, SD = 1.78; F(1, 239) = 43.61, p < 0.001, η2 = 0.154). 
Thus, the perceived accuracy of the information provided by 
ChatGPT was greater in the absence of hallucinated content.
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To test H6, we asked whether what happens after follow-
ing ChatGPT's advice, a positive versus a negative outcome, 
changes how much an error affects people's willingness to 
follow the itinerary. As a first step, we simply compared par-
ticipants' intentions across the positive-outcome and negative-
outcome conditions. A one-way ANOVA showed a robust 
effect, F(1, 239) = 70.81, p < 0.001, η2 = 0.23. Participants 
reported higher intention under a positive outcome (i.e., 
when no negative consequence followed the hallucinations; 
M = 4.94, SD = 1.30) than under a negative outcome (M = 3.33, 
SD = 1.50). This pattern is consistent with H6, indicating that 
adverse consequences magnify the detrimental effect of errors 
on compliance with the itinerary.

To test H7, this study examines the moderating role of error 
salience in the incorrect information generated by ChatGPT 
on participants' intention to follow its recommendations. To 
test this hypothesis, a 2 (incorrect information: present vs. ab-
sent) × 2 (error outcome: negative vs. positive) two-way factorial 
ANOVA was conducted within a repeated measures design. 
Results revealed a significant within-subject effect related to the 
observation of a negative outcome (F(1, 238) = 6.55, p = 0.011, 
η2 = 0.01). Post hoc comparisons indicated that participants ex-
posed to a negative outcome expressed significantly lower inten-
tion to follow the recommendations (mean difference = −0.29, 
p = 0.011). Regarding between-subjects effects, a significant 
main effect was identified (F(2, 238) = 46.10, p < 0.001, η2 = 0.22). 
Post hoc analyses revealed significant differences between the 
groups. Participants repeatedly exposed to hallucinations and 
who observed negative consequences showed a lower intention 
to follow ChatGPT's advice (mean difference = 1.93, p < 0.001). 
Additionally, a significant interaction was observed between the 
type of outcome (positive vs. negative) and error salience (F(2, 

238) = 1.71, p = 0.183, η2 = 0.00). However, post hoc comparisons 
showed that participants exposed to hallucinations and a neg-
ative outcome (salient incorrect information) reported signifi-
cantly lower intention to follow the recommendations compared 
to other groups (mean difference up to −2.13, p < 0.001). This 
finding supports H7. These results confirm that the visibility of 
incorrect information generated by ChatGPT has a particularly 
strong negative effect when users directly observe the adverse 
consequences of such errors. This study provides new evidence 
that the negative impact of ChatGPT's error visibility is signifi-
cantly amplified when users witness tangible adverse outcomes 
resulting from those mistakes.

4   |   General Discussion and Implications

First, Study 1 shows that hallucinations work through a simple 
sequence: lower accuracy reduces usefulness, which then under-
mines trust, and this pathway, in turn, shapes intention to follow 
the itinerary; thus, we clarify the mechanism that earlier work 
left at the level of acceptance and trust outcomes (Christensen 
et al. 2024; Kim, Kim, Park, et al. 2023; Kim et al. 2025).

H1 proposed that hallucinations directly reduce the intention 
to follow an itinerary. However, no significant direct effect was 
found. This finding is important because it indicates that hallu-
cinations are not harmless; rather, their negative impact oper-
ates in a more complex manner than initially expected, flowing 
through a series of cognitive and attitudinal evaluations. These 
results contribute to earlier studies by Kim et  al.  (2025) and 
Yaprak  (2024), which did identify direct effects on intentions. 
Our model suggests that examining only the direct relationship 
may overlook the underlying mechanisms responsible for it. 

FIGURE 4    |    Stimuli for Study 2. Participants viewed two message-style vignettes about a friend who planned a trip using ChatGPT. Left panel: 
(hallucination present) negative outcome caused by AI factual inaccuracies, on arrival, the restaurant was closed, and the public transport itinerary 
had timetable/route issues. Right panel: (hallucination absent) positive outcome with an open restaurant and a smooth public transport journey. 
Images are illustrative; the text and layout are identical across panels except for outcome valence.
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Accordingly, our evidence clarifies mixed findings in the liter-
ature by showing that the impact of hallucinations on intention 
is predominantly indirect and mechanism-bound rather than 
uniformly direct.

H2 posits that the presence of hallucinations negatively im-
pacts the perceived accuracy of recommendations generated by 
ChatGPT. This hypothesis was empirically supported, confirm-
ing that hallucinations significantly diminish the perceived ac-
curacy of these recommendations. Hallucinations can be seen as 
a critical point of failure in the relationship between users and 
the information presented, as they represent factual inaccuracies 
and indicate that the information quality, serving as the initial 
filter for users, has failed. This finding aligns with established 
technology acceptance models, such as the TAM and the TPB 
(Ajzen 1985; Davis 1989), as well as existing literature on tech-
nological trust (e.g., McKnight et  al.  2011), which emphasises 
that the credibility of information is a fundamental prerequisite. 
In relation to H3, it was confirmed that a higher perceived accu-
racy enhances the perceived usefulness of ChatGPT-generated 
recommendations. This connection is logical, as incorrect infor-
mation (characterised by low accuracy) cannot be helpful in a 
travel-planning context, where the consequences of errors can 
be significant. Therefore, our findings provide empirical support 
for the relationship posited by Kim, Kim, Kim, and Kim (2023) 
and Park et al. (2007), who assert that factual correctness is es-
sential for users to deem a recommendation valuable.

H4 received empirical support, demonstrating that perceived 
usefulness positively influences users' trust in ChatGPT. When 
users see a GenAI system as helpful in achieving their travel 
goals, trust begins to develop. This finding aligns with the re-
search of Hrankai and Mak (2025) and Demir and Demir (2023), 
who identify system performance and value creation as key fac-
tors that foster trust in GenAI.

Regarding H5, trustworthiness emerged as a strong and posi-
tive predictor of users' intention to follow the proposed itinerary. 
This relationship marks the transition where trust, an attitu-
dinal factor, translates into behaviours, in this case, the inten-
tion to follow the itinerary. The literature on trust in GenAI 
within the tourism sector supports this idea, emphasising trust 
as the central attitudinal variable that drives acceptance (Kim 
et al. 2025; Loureiro et al. 2024).

These findings reinforce the notion that the perception of hallu-
cinations does not operate in isolation but is integrated within 
a process involving the evaluation of the experience itself. As 
suggested in previous research (Kim et al. 2025; Yaprak 2024), 
our findings indicate that itinerary errors have a significant 
impact on behavioural intentions. These findings support pre-
vious models of technological trust (Filieri and McLeay  2014; 
McKnight et  al.  2011) by demonstrating that acceptance of 
GenAI-generated recommendations depends on a complex cog-
nitive structure in which credibility is progressively built or un-
dermined through the interaction of accuracy, usefulness and 
trust. Particularly relevant in this regard, this highlights the 
need to differentiate these constructs when analysing the im-
pact of GenAI errors. Our findings contribute to addressing the 
underexplored ‘dark side’ of GenAI in consumer behaviour, a re-
search stream increasingly recognised as vital for understanding 

the broader societal impact of disruptive technologies (Beheshti 
et al. 2023).

In Study 2, the boundary conditions regarding the impact of 
hallucinations on trust and intention, finding that the damage 
inflicted is not consistent across situations. The study aimed to 
determine when this negative impact intensifies by examining 
users' concrete experiences after they acted on AI-generated 
recommendations. Supporting H6, the results revealed that the 
valence of the observed outcome significantly influences the ac-
ceptance of the recommendation. Participants who experienced 
a positive outcome (e.g., the recommended restaurant was open 
and their experience was enjoyable) reported a much higher in-
tention to follow the recommendation compared to those who 
encountered a negative outcome (e.g., the restaurant was closed 
or did not exist). This finding is crucial as it demonstrates that 
a tangible negative outcome greatly amplifies the negative ef-
fects of a hallucination. Conversely, a positive outcome, even if it 
results from serendipity, meaning the outcome is unexpectedly 
valuable, can mitigate these effects. This aligns with post-use 
trust models (McKnight et  al.  2002) and experiential learning 
theories, which propose that concrete experiences shape future 
evaluations.

Furthermore, H7 focused on the prominence of errors. The re-
sults supported this hypothesis, showing that when errors were 
prominent, intentions to follow the recommendations dropped 
significantly. This finding indicates the tipping point at which 
the impact of the hallucination becomes decisively negative for 
the user. Theoretically, these findings connect directly with 
the accessibility-diagnosticity framework (Feldman and Lynch 
Jr. 1988). A technical error (such as a hallucination) that does 
not lead to negative consequences might be overlooked by the 
user due to its low diagnosticity. However, when the hallucina-
tion results in a tangible negative experience (like a non-existent 
restaurant or an incorrect schedule that disrupts plans), that fail-
ure becomes highly memorable and indicative of the system's 
overall reliability.

Finally, these results provide empirical support for the concept 
of algorithm aversion (Dietvorst et al. 2015). The literature sug-
gests that consumers tend to evaluate errors in automated sys-
tems more harshly than human errors, particularly when these 
errors lead to negative outcomes. Study 2 illustrates this phe-
nomenon: a visible AI error is not simply regarded as a failure 
but as a violation of the high expectations for accuracy placed 
on GenAI. This intensifies the consumer's rejection response.

4.1   |   Theoretical Implications

The findings from Studies 1 and 2 suggest that hallucinations 
primarily undermine acceptance through a series of cognitive 
evaluations and attitude appraisals, and that negative experi-
ences following their use exacerbate this process (Christensen 
et  al.  2024; Kim et  al.  2025). According to the accessibility-
diagnosticity framework (Feldman and Lynch Jr.  1988), no-
ticeable errors are interpreted as indicators of the overall 
performance of the system. Compared to other sources, such as 
official websites or user reviews, GenAI tends to create higher 
expectations for accuracy. When these expectations are not 
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met, the resulting disappointment amplifies rejection responses 
and strengthens the tendency for algorithm aversion (Dietvorst 
et al. 2015).

This research contributes to the literature on trust in GenAI 
and consumer behaviour in digital environments by integrating 
cognitive and attitudinal effects of hallucinations with experi-
ential and perceptual factors in the context of travel planning. 
The study proposes and validates a serial-mediation model that 
demonstrates how perceived accuracy, usefulness and trust in-
fluence users' responses to hallucinations generated by GenAI 
technology (ChatGPT).

The positioning of trust within the TAM and the TPB has been re-
fined by recent evidence. This research indicates that perceived 
accuracy is a prerequisite for perceived usefulness, demon-
strating that trust serves as a crucial attitudinal link between 
usefulness and intention in the context of GenAI. Particularly 
in time-sensitive and consequence-rich tasks, such as itinerary 
planning, accuracy plays a vital role in shaping judgements of 
usefulness.

In relation to TPB, trust can be understood as a specific atti-
tudinal belief regarding the reliability of the GenAI source, 
which influences performance beliefs and ultimately, intention. 
Additionally, the outcomes observed can further modify be-
havioural beliefs and enhance perceived capability to depend on 
the system.

Consequently, the findings suggest two important pathways: 
one consistent with TAM, where accuracy enhances usefulness, 
usefulness builds trust and trust drives intention, and another 
aligned with TPB, where belief revision based on concrete ex-
periences shifts intentions in uncertain situations (Ajzen 1985; 
Davis 1989; McKnight et al. 2002). In summary, we define ac-
curacy as an upstream belief within the TAM and formalise 
trust as the key factor that translates perceived usefulness into 
behavioural intention. Additionally, the TPB is enhanced by 
incorporating experience-driven belief revision as a boundary 
mechanism in situations of uncertainty.

This study extends the work of Kim et al. (2025), who focused 
on the main effect of errors, and demonstrates that error sa-
lience and, especially, the experienced outcome after following 
the advice markedly magnify rejection. Furthermore, we com-
plement Christensen et al.  (2024) by shifting from familiarity-
based predictors to a validated serial-mediation model, and we 
add to work centred on hallucination typologies and measure-
ment (Ji et  al.  2023; Sun et  al.  2024) with empirical evidence 
tracing the perception-to-behaviour route and showing that sa-
lient, negative outcomes are the tipping point. It also identifies 
the moderating role of observed experience and error salience, 
expanding understanding of the mechanisms that shape trust in 
these technologies.

4.2   |   Practical Implications

From a managerial perspective, our findings transform GenAI 
hallucinations from a technical error into a strategic risk to trust 
for tourism companies. Travellers often tend to accept seemingly 

neutral GenAI advice, and the rapidly changing information 
about destinations creates a fertile ground for misinformation. 
In this context, digital trust becomes a scarce competitive asset. 
From a management perspective, our findings indicate that 
merely ‘eliminating hallucinations’ is not enough. Firms must 
raise perceived accuracy and trust simultaneously. Product 
roadmaps should prioritise features that (a) strengthen factual 
grounding (to improve accuracy), (b) surface decision-support 
value (to enhance usefulness) and (c) make reliability auditable 
(to build trust). Doing so targets precisely the links identified 
in our serial pathway. Accordingly, firms should institutionalise 
hallucination management as a core capability: map all GenAI 
touchpoints (pre-trip search, itinerary planning, booking, in-
trip assistance), assess their exposure to hallucinations and 
prioritise mitigation where the stakes are highest. For high-risk 
communications, prices and fees, booking confirmations, safety 
and entry requirements, adopt a ‘human-over-the-loop’ work-
flow so that critical outputs are verified by staff before reaching 
customers. Organisations that lead with reliable AI will com-
pound loyalty, whereas laggards risk accelerated erosion of trust 
in an increasingly uncertain information ecosystem.

Second, those levers should be translated into system design 
choices. To improve perceived accuracy at scale, platforms 
should favour retrieval-augmented generation (RAG) that 
grounds answers in verified, real-time sources (e.g., official 
attractions data, transport timetables) rather than model-only 
generation. This is directly aimed at the validated route: accu-
racy → usefulness → trustworthiness. To curb over-reliance and 
the ‘black-box’ perception, implement automated validation 
and anomaly alerts, display clear GenAI labels, and add inter-
face nudges that prompt users to verify time-sensitive facts in-
dependently (Christensen et  al.  2024; Sun et  al.  2024). Visible 
disclaimers, source citations, optional ‘show evidence’ views 
and conservative abstention policies (e.g., ‘I do not know, click 
to check official site’) can further reduce unwarranted confi-
dence. Establish feedback channels for error reporting and close 
the loop by triaging, fixing and communicating corrections. 
Because perceived information quality strongly shapes trust and 
brand relationships online, continuous improvements to accu-
racy and clarity should be treated as both a technical goal and 
an engagement strategy (see Christensen et  al.  2024; Nguyen 
et al. 2022; Sun et al. 2024).

Third, manage the experiential amplifiers our Study 2 un-
covered. Outcome valence had a significant effect on inten-
tion, and intentions fell further when error salience was high. 
Practically, triage for salient-risk scenarios, venues with vola-
tile hours, new restaurants, strike-prone transit and add extra 
safeguards: real-time open/closed checks before suggesting a 
venue, geofenced ‘last-mile’ validations in route, conservative 
route plans with verified alternates and graceful-degradation 
policies (e.g., ‘cannot verify, here are two confirmed op-
tions’). Pair this with service-recovery playbooks (instant re-
routing, vouchers, apologies) when negative outcomes occur 
because these episodes disproportionately damage trust, and 
rapid recovery limits knock-on effects on future intention. 
Operationally, we recommend formal governance with mea-
surable trust KPIs: hallucination rate (and severity-weighted 
incident rate), verified-source coverage, negative-outcome 
rate (missed/closed venues, failed bookings) and user-reported 
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trust. Invest in organisation-wide GenAI literacy so front-line 
and product teams understand model limits and practice veri-
fication habits, not just tool usage.

Finally, we note a longer-term constraint: durable mitigation 
likely requires socio-technical change in how models are evalu-
ated and rewarded. As Kalai et al. (2025) argue, if leaderboards 
penalise uncertainty and reward confident guessing, models 
remain incentivised to hallucinate. Whilst that ecosystem shift 
unfolds, tourism firms can still act now, ground outputs, ver-
ify high-stakes claims, make uncertainty visible and cultivate 
user feedback loops to deliver more explainable, dependable and 
user-centred GenAI services.

4.3   |   Limitations and Opportunities for Future 
Research

Finally, this study has certain limitations. Both samples con-
sisted mainly of university students, limiting the findings' 
generalisability. Moreover, using simulated scenarios restricts 
the ability to capture the complexity of real-life interactions in 
dynamic environments fully. Future research should replicate 
these studies with more heterogeneous samples, assess inter-
actions in natural contexts, incorporate cultural variables and 
examine the effect of hallucination mitigation strategies such 
as disclaimers or the presentation of alternative recommenda-
tions. It would also be relevant to explore how trust in GenAI 
evolves over repeated exposures or over time.

5   |   Conclusion

This research reveals that GenAI hallucinations in tour-
ism are serious risks that undermine consumer trust and 
intentions through a multi-stage cognitive process, especially 
when negative outcomes highlight errors. Our two-study   
design confirms a serial-mediation model and provides prac-
tical guidance for tourism companies. It emphasises the need 
to manage GenAI hallucinations as a key organisational capa-
bility, combining technical solutions with governance and ser-
vice recovery. Overall, the findings contribute to discussions 
about how disruptive GenAI technologies influence consumer 
behaviour, trust and decision-making in digital markets, ex-
posing both vulnerabilities and opportunities in tourism.
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